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Abstract

We investigate the effectiveness of large electricity subsidies to reduce the consumption of dirty
energy and improve ambient air quality. We exploit a policy change in Mongolia that provides
50-100 percent subsidy to households in some regions, allowing us to use difference-in-differences
models. Using five rounds of the Mongolia Household Socio-Economic Survey, we find that the
subsidy reduces the likelihood of reporting illness. We further find that households receiving the
electricity subsidy increase their (total of subsidised and un-subsidised) electricity expenditure by
at least 17 percent more than those who have not received any such benefit. This is an important
positive outcome, indicating that households changed their behavior of daytime and non-winter
season electricity consumption, when they do not receive any subsidy. Policymakers, therefore,
need to internalize the unintended benefit of the subsidy when comparing with the cost of the

programme.
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1. INTRODUCTION

Reducing greenhouse gas emissions and supporting a net-zero future requires access to affordable,
reliable, sustainable, and modern energy for all (United Nations, 2021). Therefore, countries around
the world subsidize electricity resulting in many desirable but also undesirable outcomes (Lay
et al., 2013; Shahbaz et al., 2017; Balarama et al., 2020; Imelda, 2020). While many studies
focused on the consequences of subsidizing electricity, little research has focused on how it affects
health and changes the preference for electricity consumption. In this article, we discuss this
issue by providing evidence that subsidizing electricity not only helps reduce pollution and thus
improve health outcomes but also changes household preferences for electricity. Using the case of
electricity subsidy in Ulaanbaatar, Mongolia, we document that the provision of electricity subsidy
is associated with significant changes in electricity expenditure even when it is not subsidized. We
subsequently explore potential mechanisms and conclude that change in preference is the most
plausible explanation.

We study the case of electricity subsidy in Ulaanbaatar, as it presents three valuable features
for our purposes. First, the winter in Mongolia is very cold, with the temperature falling up to
—30°C at night. Such low nighttime temperature implies that people can be severely unwell if they
cannot heat their homes. This is particularly problematic for the people living in traditional “ger”
(a form of a tent), which is known to be energy-inefficient (MEEI, 2020). Second, as a developing
country, Mongolia has many low-income households living below or close to the poverty line (NSO,
2020). Extreme cold forces them to use dirty energy like coal to warm their home during winters.
Harmful chemicals and particulate matter from the use of coal cause indoor pollution, which is so
severe that it also causes severe outdoor pollution at the regional level (Markandya and Wilkinson,
2007; Haines et al., 2007). Both indoor and outdoor pollution results in poor health of the members
of the affected households.

Third, the subsidy rate on electricity consumption for eligible households in Ulaanbaatar is
huge, ranging from 50-100 percent during cold winter months from October to April. With the
aim to reduce fine particulate matters and other airborne toxins that result from the residential use
of coal for cooking and heating during cold winter months, the subsidy has been in place since 2011.
Thus the subsidy is expected to bring significant health benefits to the eligible residents who suffer
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substantially from respiratory and other related illnesses. The subsidy is expected to benefit the
ineligible population as they are also exposed to reduced outdoor pollution caused by the eligible
households. The significant price subsidy can also alter the recipient households’ preference and
thus electricity consumption pattern in the short and long run.

The results of this article highlight how a subsidy to clean energy like electricity can achieve the
intended health outcomes and change the preference for energy in a context where people burn dirty
fuels like coal and wood for heating homes and cooking. The economic literature has paid little
attention to these channels, despite the existing evidence linking air pollution to morbidity and
mortality (Neidell, 2004; Currie et al., 2009a,b) and product use to habit formation and behavioral
change (Jessoe and Rapson, 2014; Meriggi et al., 2021). Instead, it has mostly focused on the effect
of electricity subsidy on welfare (Giuliano et al., 2020; Hahn and Metcalfe, 2021; Alvarez and Tol,
2021), energy demand (Burke and Kurniawati, 2018; Durmaz et al., 2020), energy conservation
(Allcott and Rogers, 2014; Ito, 2015; Boccard and Gautier, 2021) and lost opportunities (Davis,
2014; Plante, 2014; Coady et al., 2019). Identifying and quantifying the intended and unintended
consequences is important to inform the debate on energy policies and to compare the net benefits
with the cost of the subsidy.

To empirically identify the effect of the subsidy on the probability of reporting illness and the
expenditure on electricity, we employ Mongolian microdata. The five rounds of nationally repre-
sentative Mongolia Household Socio-Economic Survey (HSES) data allow us to model individual
illness and electricity expenditure on the eligibility of the subsidy. The detailed information in
the survey enables us to control for many socioeconomic, locational, and demographic factors and
improve the precision of the estimated impacts.

The main challenge in identifying the impact is that households eligible for subsidy are system-
atically different from those not eligible. To overcome this concern, we use a difference-in-differences
(DiD) approach exploiting two sources of variation: the eligibility of the subsidy and changes in
the provision of subsidy over the years, particularly between 2010 and 2012. Since the subsidy
has been given to households living in houses and ‘gers’ in specific regions for particular years, it
provides us with a perfect quasi-natural experimental situation. The setup allows us to employ a

DiD technique and produce credible estimates of the impact of subsidy. The main identification



assumption is that the change in electricity expenditure over time for both types of households
would be similar in the absence of the subsidy.

We believe that, conditional on satisfying the common trend assumption, the difference-in-
differences method is the best approach to evaluate a large electricity subsidy with a sufficiently
large sample size. A randomized control trial (RCT) research design for investigating the impact
of electricity subsidy is rare due to the huge cost involvement and ethical issues. Moreover, RCTs
in such situations are likely to perform poorly due to the possibility of bias in selecting the sites
(Allcott, 2015).

We find that electricity subsidy effectively reduces illness, including respiratory diseases. Our
estimates suggest that the electricity subsidy reduces the reported illness by 5-6 percentage points
(pp) except for 2016 when the subsidy-eligible households badly suffer from the spread of infectious
diseases. The reduction is about 3-5 pp when we consider only respiratory illness. While the lack
of appropriate data does not allow us to compare the pollution level between the subsidy-eligible
and ineligible regions with a credible econometric method and directly verify the effectiveness of
the subsidy, our results provide indirect evidence in favor of the policy effectiveness.

Having established that electricity subsidy is associated with a reduction in pollution-induced
illness, we look for the change in the expenditure pattern on electricity.! We find that eligible
households increase their electricity expenditure both in winter and non-winter seasons. In partic-
ular, the subsidy increases electricity expenditure by 17-24 percent in winter months and 16-23
percent in non-winter months. The results are robust to the sample restrictions, alternative esti-
mation methods, and model specifications. We also find evidence of the presence of common trends
in all cases. It is important to note that our results refer to the total expenditure on electricity,
which includes the heavily discounted expenditure (a 50-100% discount, depending on the month
and year)?.

Increasing access to clean fuel and reducing energy poverty through subsidies have significant

public health benefits. The transition from fossil fuel to electricity significantly improves indoor and

! Consumption is a more important policy variable than expenditure. Since we do not have data on consumption,
we analyze expenditure on electricity. However, when it is not apparent, we explained the implication of our findings
on electricity consumption. Using available information, we also provide a back-of-the-envelope calculation of overtime
consumption of people eligible for subsidy against those who are not.

2For example, in periods when the discount is 100% in winter months (October-April), households would need
to more than double their consumption of electricity (in kWh) for their observed nominal electricity expenditure to
increase.



outdoor air quality. Air pollution is the leading cause of morbidity for infants and children (Neidell,
2004; Currie et al., 2009a,b). Furthermore, being unable to afford the electricity to heat homes at
a comfortable level has adverse impacts on mental well-being and self-assessed health conditions
(Churchill et al., 2020; Llorca et al., 2020), infant health (Cesur et al., 2017; Palma et al., 2022)
and mortality during winter months (Neidell et al., 2021). Changes in preference to switch to
clean energy are thus an added benefit of the subsidy program, which can have a protective impact
on human health and the environment. Thus, the electricity subsidy can be an essential policy
intervention in developing countries where people rely heavily on biomass and fossil fuel for heating
and cooking, which have adverse health impacts.

Our study adds to the growing literature on the impact of an electricity subsidy on improving
health outcomes in developing countries and the literature on habit formation for clean energy
use. A limited study investigates the impact of a large electricity subsidy in a developing country
context (e.g., Burke and Kurniawati, 2018; Khalid and Salman, 2020). Using a quasi-experiment
setting with rich microdata, we provide credible estimates of the effect of the subsidy on illness and
electricity expenditure. Our findings of increased electricity use resulting from a large electricity
subsidy are particularly novel that can shape public policies related to poverty, energy, and the
environment.

The rest of the paper proceeds as follows. Section 2 presents some background of Mongolia
and the context of the policy that we examine in this study. Methodology and data employed
for our investigation are discussed in Section 3. Section 4 presents the results and discusses the
validity of the identifying assumption and the robustness of the results. It also discusses the policy

implications of our study. Section 5 concludes the paper.

2. BACKGROUND

2.1. COAL USE AND PUBLIC HEALTH CONCERNS IN MONGOLIA

Ulaanbaatar, the capital city of Mongolia, is one of the coldest capitals, with temperatures fallng
significantly during the winter. Such low temperature requires enormous energy demand in the
winter for keeping the place of living warm. While around 98 percent of the population in Mongolia

has access to electricity, the country’s electricity consumption has been 2.3 MWh/capita in 2018,
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up from 1.05 MWh/capita in 2000 (Ministry of Energy, 2018). It is below the average level (2.8
MWh/capita) in the Asia-Pacific region and is short of meeting the residential demand for heating.?
Therefore, some of the city’s residential energy demand for heating during winter is met by heavy
use of coal, creating a deadly level of indoor and outdoor air pollution.

The use of coal by residents for heating in the winter months is the major source of air pollution
in Ulaanbaatar. More than 60 percent of households in the city live in traditional Mongolian gers
and basic houses with no water, sanitation, and heating infrastructure in the “ger districts.”* These
households burn raw brown coal for cooking and heating during cold winter months from October
through April (Allen et al., 2013). About 200,000 households living in ger districts burn around
200,000 tons of raw coal and 160,000 cubic meters of firewood annually to heat their homes (World
Bank, 2019). Although ger district households accounted for around 16 percent of total electricity
consumption during 20142018, their residential heating is met by burning of coal in winter.’

Mongolia also heavily depends on coal-based power plants for generating electricity. The country
produced 79 percent of its electricity from thermal power plants in 2018 (Ministry of Energy, 2018).
Coal-based electricity generation is the largest emitter of carbon dioxide (COz) in the country, with
CO4 emissions standing at 6.7 tCOs per capita in 2018, which is higher than the average 3.92 tCO4
per capita in the Asia—Pacific region (IEA, 2018). Both electricity generation and residential use
of coal result in high levels of air pollution in all major cities in Mongolia, including Ulaanbaatar.

The burning of fossil fuels releases many toxic substances in the air, ranging from fine particulate
matter and nitrogen dioxide (NOg) to sulfur dioxide (SOz2). Among these pollutants, the most
dangerous fine particulate matter of 2.5 microns or less in diameter (PMsy5) was 12 times higher
than the WHO guideline of 10 pg/m? in 2011 in Ulaanbaatar (Guttikunda et al., 2013). The daily
mean PMs 5 declined to 86 ug/m? in 2014, reached 164 ug/m? in 2016 and 138 ug/m? in 2018,
with the maximum 280 pg/m? in the last year (Ganbat et al., 2020). The PMs 5 level has remained

consistently higher than the safe level set by the WHO and the national standard of 50 pg/m3

3SMWh represents megawatt-hours of electricity. Six laptop computers can operate in one kWh during a standard
workday. tCO2 here indicates greenhouse gas emissions equivalent to tons of COs.

1A ger or yurt is a traditional Mongolian house that is built by assembling a wooden framework and covering
it with traditional felt. It is the most portable and suitable dwelling for nomads. However, a significant proportion
of people still live in gers in both rural and urban areas in Mongolia. In 2016, 40 percent of the total Mongolian
population lived in gers, 36 percent in detached houses, and 24 percent in apartments (NSO, 2017).

SHouseholds in apartments and public and private entities consumed 11 and 73 percent of total electricity during
the same period, respectively.



(IQ Air, 2020). The high level of pollution made Ulaanbaatar the fourth most polluted city in the
world in 2020.

Air pollution is the sixth riskiest factor that drives death and disability in Mongolia. The death
rate from air pollution was 82 deaths per 100,000 in 2017, which was higher than 79 in the Central
Asian region (IHME, 2018). Diseases of the respiratory system were the leading cause of morbidity
among children and adolescents in 2018, with 4,755 cases per 10,000 population for the age group 1-
4. Pneumonia was the most frequently occurring disease among infants and children under-five and
accounted for 28 percent of morbidity in 2018 (NCHD, 2018). Outdoor air pollution contributed
to 29 percent of cardiopulmonary deaths and 40 percent of lung cancer deaths in the capital city,
all of which accounted for 10 percent of total mortality (Allen et al., 2013). All of these indicate
that Mongolia faces significant challenges to meet its current and future need of clean energy and
mitigate the negative health impacts of coal-based power generation and the burning of coal for

residential heating, especially in its capital city.

2.2. MONGOLIAN GOVERNMENT’S POLICIES TO CURB POLLUTION

Although air pollution reduction in the capital city has been among the top priorities of the Govern-
ment of Mongolia (GoM), the desired outcomes of the policies implemented have not materialised.
The Parliament passed the Law on Air Pollution Reduction in 2011, and the GoM has put relevant
policies in place to implement the law. The first significant project implemented to reduce air
pollution was the Ulaanbaatar Clean Air Project (UBCAP), implemented by the GoM and the
World Bank in 2012-2019, with total financing of US$27m. The project distributed around 40,000
clean stoves to ger district households in the initial stage, 2013-2015. Between 2010 and 2015, the
project distributed a total of 175,000 clean stoves to ger district households with subsidies from the
Ministry of Energy, the City of Ulaanbaatar, the Millennium Challenge Corporation, and UBCAP
(World Bank, 2019). However, the initiative of the project has been inadequate to address air
pollution effectively in the country.

Although there are three coal-fired thermal power plants are located adjacent to the city, the
primary pollution source is the combustion of coal by residents to heat their homes in winter
(ERC, 2020). Thus, the extent of air pollution reduction depends mainly on making households

switch from coal-based heating to alternative energy sources such as electricity. The GoM has been
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providing subsidies through discounts for nighttime use of electricity for ger district households at
various discount rates since 2011. The Ministry of Environment and Green Development (MoEGD)
and the Ulaanbaatar City Mayor’s Office jointly identify the air pollution reduction zones where
households burn raw coal in winter. The households in these zones are eligible for the nighttime
use electricity discounts that the Energy Regulatory Commission sets.

The timelines of subsidy provisions and zoning details are provided in Table 1. Panel A lists the
evolution of the subsidy chronologically. The first discount was a 50 percent reduction for nighttime
use of electricity during the winter months from October until May, effective from November 2011
to December 2016.° Then the subsidy was increased to 100 percent discount for nighttime use in
2016, and a time limit was set from 9 pm-6 am in 2017.” The GoM put a cap on the discount
for nighttime electricity use in October 2018, limiting it to 700kWh and 1,500 kWh for 220V and
380V capacity, respectively. The GoM extended the subsidy to the national level in 2019 with the
provision of 50 percent discount for the nighttime rate to ger district households in province centers
and settlements with a population above 10,000 (ERC, 2019).

The subsidy applies to only households living in the ger districts classified into specific zones.
Panel B of Table 1 lists the changes in the details of the zones. The earliest data on the zoning
is reported in 2015. Although the zoning changes every year, we believe that it has not changed
significantly. Initially, there were two polluting zones and one affected zone, with total three zones
identified in 2015. In 2017, one of the polluting zones was divided into two, resulting in three
polluting zones and one affected zone (MoEGD, 2015, 2017).

Zones vary by population, type of residence and pollution level. Zone 1 is the primary source of
air pollution, shown in light grey in the districts of Songinokhairkhan, Chingeltei, Sukhbaatar, and
Bayanzurkh in Figure 1, where 130,076 households live and PMs 5 concentration was 10-30 times
higher than the national standard of 50 pg/m3 in 2017. Zone 2, shown in dark grey in the districts
of Songinokhairkhan, Khan-Uul, and Bayanzurkh in Figure 1, where 51,910 households live and

PMs 5 concentration was 3-8 times higher than the national standard. Zone 3, shown in

SWe have not been able to acquire aggregate data on the amount of subsidy provided and the number of partici-
pants households prior to 2017.

"There are two types of tariffs for residential electricity consumption. A kWh of electricity is priced at US$0.041
for the first 150 kWh, and US$0.049 for over 150 kWh per month for simple meters. A double meter tariff is also
applied separately for daytime and nighttime use. The daytime tariff (6 am-9 pm) is US$0.043 per kWh, while
the nighttime tariff (9 pm—6 am) is US$0.032 per kWh. The monthly base tariff is US$0.828 per kWh (Ministry of
Energy, 2018).



Table 1: Overview of electricity subsidy programs and zoning policies

Date Policy name Duration

Actions

Panel A: Electricity subsidy programs

10 Feb 2011 Parliament Resolution No.11 to 1 October-1 May
implement the Law on Air Pol-
lution Reduction

2 Nov 2011  Government Resolution No.309 1 October—-1 May
on air pollution reduction and
electricity tariff discount

17 Jul 2014  Joint Resolution No0.263/A-616 1 Oct 2014-1 May 2015
of Minister of Environment and
Green Development and Ulaan-
baatar City Mayor

28 Dec 2016  Government Resolution No.214 28 Dec 2016-1 May 2017
on air pollution reduction and
electricity tariff discount

4 Jul 2017 Government Resolution No.199 1 Oct 2017-1 May 2018
on air pollution reduction and
electricity tariff discount

25 Oct 2018 Energy Regulatory Commission 1 Nov 2018-1 Apr 2019
Resolution on discount for night
tariff rates

Specified electricity subsidy pro-
gram for air polluting zones.

50% discount for the evening and
night rates for households in the
air pollution reduction zones.

50% discount for the evening and
night rates for households in the
air pollution reduction zones.

100% discount for households in
the air pollution reduction zones
in the capital city. Zones 1, 3 and
4 remain.

100% discount for households
from 9 pm to 6 am in the air
pollution reduction zones in the
capital city. Zones 1, 2, 3 and 4
remain.

100% for 700kWh for 220V ca-
pacity; 100% for 1500 kWh for
380V capacity; 50% discount on
the excess from 9 pm to 6 am.
Zones 1, 2, 3 and 4 remain.

Panel B: Policies on zoning

23 Dec 2015 Joint Resolution No0.A989 of 23 Dec 2015-10 Jan 2017
Minister of Environment and
Green Development and Ulaan-
baatar City Mayor

10 Jan 2017  Joint Resolution No.A014/-A/19 10 Jan 2017-6 Jul 2018
of Minister of Environment and
Green Development and Ulaan-
baatar City Mayor

6 Jul 2018 Joint  Resolution No.A/226- 1 Nov 2018-1 Apr 2019
A /619 of Minister of Environ-
ment and Green Development
and Ulaanbaatar City Mayor

Zones 1, 2 and 3 are identi-
fied and the 50% discount applies
from the 2014 Government Res-
olution No.263/A-616.

Zones are modified. Zones 1,
2, 3 and 4 are identified and
the 100% discount applies from
the 2016 Government Resolution
No.214. and 2017 Government
Resolution No.199.

Zones 1, 2, 3 and 4 are modified
slightly and the 100% discount
applies from the 2018 Energy
Regulatory Commission Regula-
tion.

Source: Unified Legal Information System (2021)

hashed pattern in Figure 1, where 12,446 households live and PMs 5 concentration was 2-5 times

higher than the standard. Both zones 2 and 3 are affected by the air pollution from Zone 1. Lastly,



Zone 4, in white in Figure 1, is affected by air pollution from zones 1, 2, and 3, and all households in
Zone 4 live in modern apartments connected to a central heating system. The PMy 5 concentration

in Zone 4 was 2-3 times higher than the national standard (NSO, 2021).

BAYANZURKH

y

Map legend:

["] Treatment (Zonel)
[ Treatment (Zone 2)
EX3 Treatment (Zone 3)
[ Control (Zone 4)
[ Subdistrict boundary 0 10 20 km
[ pistrict boundary | |

Source: Compiled by authors

Figure 1: Ulaanbaatar city district zoning map for air pollution reduction

The eligibility criteria for households to receive the subsidy are straightforward. A household
must reside in zones 1, 2, and 3 and have one of the heating solutions such as electric and gas
heaters, renewable energy-based heating, or clean stoves that use only coking or processed clean
coal as described in the Law on Air Pollution Reduction (PoM, 2011). In addition, a household
must have no outstanding electricity bills, have both day and nighttime use meters, and ensure the
safe installation of electric wires, switches, and plugs (MoEGD, 2015).

The subsidy program had a wide coverage rate and benefited a significant proportion of people.
There were 365,000 residential electricity consumers in Ulaanbaatar in 2018, and 152,000 of those
households live in the ger districts eligible for the subsidy. Eighty-five percent of ger district house-
holds had both daytime and nighttime meters for electricity consumption, making them eligible for

the subsidy (Bold, 2018). The total subsidy amount was US$2.5m in 2017 and US$3.6m in 2018.
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The households were estimated to reach 116,000 with the subsidy amount of US$7.4m in 2019,
including those households in provinces (ERC, 2019). The average electricity consumption for ger
district households was 458kWh in 2019, with eligible households receiving subsidies ranging from
US$15-30 per month during the winter months (Tsetseg, 2020).

Theoretically, the electricity subsidy will have both income and substitution effects for the par-
ticipating households. We illustrate the mechanisms through which households would adjust their
consumption behaviour in Figure 2. The horizontal axis denotes electricity consumption (x;) and
the vertical axis denotes the consumption of non-electricity goods (x3). A participating house-
hold’s budget constraint and indifference curves are By and [, respectively, with the equilibrium

consumption bundle of 1 units of non-electricity goods and x1 units of electricity.

("

Nw

Non-electricity goods (z2)
3 3

8
NI

0 21 2¢  T700kWh a? Electricity (x1)

Figure 2: Impact of an electricity subsidy

With the electricity subsidy, households consume up to 700kWh of free electricity at night and
50 percent discount thereafter, shifting the budget constraint to Bo. With indifference curve I
the new equilibrium occurs at point b with consumption bundle (x%, x%) To isolate the income
and substitution effect, we draw the budget line Bs that is parallel to Bs and tangent to the
original indifference curve I;. Movement from point a to ¢ indicates the substitution effect that
raises electricity consumption by zix3. On the other hand, movement from point ¢ to b indicates

the income effect that raises electricity consumption by x3z%. The figure demonstrates that a large
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subsidy results in a significant increase in the electricity consumption by the beneficiary households.
With an average consumption (of subsidised and un-subsidised households) below 700kWh implies
that households may experience a corner solution, at the kink at the end of the horizontal part of
B,, rather than the optimum shown in the figure®.

The figure indicates that it is theoretically obvious that we should expect an increase in elec-
tricity consumption by treated households. What is less clear is the effect of the subsidy on the
nominal electricity expenditure, as this depends on both the elasticity of the demand for electricity,
and on any change in behaviour in the summer months when heating is not needed. Given the sig-
nificant decline in the effective average annual price of the electricity for the treatment households
(in the range of 50-100% in the winter months), and the fact that households do not need to use
heating to any meaningful degree in the summer months, our finding that the nominal expenditure
on electricity increases significantly indicates a long-term change in household behaviour as they

purchase electric appliances.

3. DATA AND METHODOLOGY

3.1. HOUSEHOLD SURVEY DATA

We use the data from the most recent five rounds of the Mongolia Household Socio-Economic Survey
(HSES), a nationally representative cross-sectional household survey undertaken by the National
Statistics Office of Mongolia every two years. The survey uses a stratified two-stage sample design
based on population figures obtained from local governments’ administrative records. The first
stage stratifies the capital city, Ulaanbaatar, and the 21 provinces. The second stage divides the
21 provinces into two substrata: urban, comprising the provincial capitals, and rural, consisting
of small towns and the countryside (NSO, 2018).? We focused our analysis on households in the

capital city Ulaanbaatar, where the electricity subsidy program initially commenced in late 2011.

8The electricity price subsidy reduces the average price for the participating households during the winter months.
Since the subsidy evolved and became more generous, households adjusted their consumption behaviour. For ex-
ample, the average nighttime electricity consumption being much lower than 700kWh indicates that households, on
average, do not pay for nighttime electricity consumption. Therefore, any expenditure on electricity for the treatment
households comes from their daytime electricity consumption.

9The HSES questionnaires and the primary datasets are publicly available from the NSO Census and Survey data
catalog http://web.nso.mn/nada.
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The program has been extended to other provinces in 2019, after that no HSES data are available
till now.

The five rounds of the HSES - 2010, 2012, 2014, 2016, and 2018 - include 73,088 households.
We shelved 55,211 households in the provinces and 960 households in the districts that did not
participate in the subsidy program. We then dropped 2,584 households belonging to neither the
control nor the treatment groups, as described in Subsection 3.2 below. We eliminated a further 467
households that do not meet the requirements to receive the subsidy, such as student dormitories,
public houses for employees, non-living quarters, and other types of properties. Finally, we omitted
125 households as they did not report any expenditures on food or electricity. This gives us an
analysis sample of 13,741 households in Ulaanbaatar consisting of 51,798 individuals. Of them,
21,985 individuals in 5,766 households have been surveyed in winter months while information of
the rest 29,813 persons in 7,975 households have been collected during the non-winter months.

The HSES records whether, in the last month before the survey, a person’s has been ill and,
if yes, whether the illness is related to the respiratory system. Panel A of Table 2 presents the
overall illness rates in winter months, separately for the treatment and control individuals.'® The
general illness level is higher for the treatment individuals than their control counterparts in 2010.
However, the control group’s illness level increases over time at a higher rate than the treatment
group. A similar pattern is observed for respiratory system illness.

Panel B of the table reports the illness rates in non-winter months. Unlike the winter months,
treatment individuals report a slightly higher level of illness than the control individuals in 2014-
2018. In contrast, the respiratory illness rates are a bit higher for the treatment group in 2010
and 2018. Overall, the treatment individuals report a higher level of illness in non-winter months,
whereas the control group reports more in winter.

The survey also records expenditure on energy and electricity that we also investigate to examine
the impact of the subsidy. Panel C in Table 2 presents the summary statistics for the outcome

11

variables in winter months."* The monthly household electricity expenditure was lower for the

treatment households than their control counterparts in the base year, 2010.

10We recorded 1,012 individuals with missing illness data as not being ill since coding zeros as missing is common
in survey data.

1Ty our analysis sample, we replaced the missing monthly electricity expenditures of 32 households with their
annual electricity expenditures averaged over 12 months.
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Table 2: Summary statistics of dependent variables

2010 2012 2014 2016 2018
Variable Treatment Control Treatment Control Treatment Control Treatment Control Treatment Control
Panel A: Individual illness in winter months
Sick in the past month 0.09 0.06 0.07 0.10 0.07 0.10 0.11 0.08 0.11 0.13
(0.28) (0.24) (0.26) (0.30) (0.26) (0.30) (0.31) (0.27) (0.31) (0.34)
Respiratory illness 0.04 0.02 0.04 0.04 0.04 0.06 0.07 0.04 0.04 0.07
(0.19) (0.15) (0.19) (0.20) (0.19) (0.24) (0.25) (0.20) (0.21) (0.25)
Number of individuals 2,203 1,306 3,266 1,508 2,996 1,305 3,117 1,474 3,069 1,741
Panel B: Individual illness in non-winter months
Sick in the past month 0.05 0.05 0.06 0.07 0.07 0.05 0.07 0.06 0.10 0.07
(0.23) (0.22) (0.24) (0.25) (0.25) (0.21) (0.25) (0.24) (0.30) (0.25)
Respiratory illness 0.02 0.01 0.02 0.03 0.02 0.02 0.02 0.03 0.03 0.01
(0.12) (0.11) (0.14) (0.17) (0.14) (0.14) (0.15) (0.16) (0.17) (0.12)
Number of individuals 2,979 1,949 4,133 2,456 4,369 1,948 4,227 1,687 4,352 1,713

Panel C: Household energy expenditures in winter months

Electricity expenses 12.47 15.85 14.14 15.62 13.56 13.88 15.31 16.41 15.64 15.10
(7.53) (6.65) (9.68) (8.55) (10.99) (6.17) (10.78) (6.36) (12.18) (5.52)
Share of electricity expenses (%) 2.99 2.69 2.78 2.19 2.66 1.90 3.39 2.73 3.40 2.38
(1.62) (1.32) (1.76) (1.43) (1.85) (1.16) (2.11) (1.36) (2.44) (1.37)
Other energy expenses 29.25 0.07 50.02 0.16 34.87 0.07 28.28 0.02 27.04 0.03
(31.81) (1.18) (55.90) (2.04) (35.19) (1.00) (29.88) (0.37) (25.74) (0.51)
Share of other energy expenses (%) 7.05 0.00 10.12 0.03 7.63 0.01 6.63 0.00 6.35 0.00
(7.65) (0.03) (12.23) (0.34) (9.16) (0.10) (7.69) (0.06) (7.24) (0.04)
Number of households 528 353 797 424 798 387 802 424 758 495
Panel D: Household energy expenditures in non-winter months
Electricity expenses 13.91 15.96 14.74 15.91 13.70 13.69 15.28 15.71 16.96 14.70
(9.32) (6.10) (8.31) (6.74) (11.65) (5.36) (9.18) (5.64) (12.82) (4.71)
Share of electricity expenses (%) 3.18 2.90 2.94 2.18 2.60 1.85 3.56 2.78 3.49 2.35
(1.83) (1.71) (2.17) (1.53) (1.78) (0.97) (1.91) (2.16) (2.33) (1.30)
Other energy expenses 15.69 0.07 19.75 0.13 11.11 0.12 16.04 0.02 11.73 0.04
(35.44) (1.05) (39.14) (1.43) (27.93) (1.53) (32.95) (0.36) (22.52) (0.90)
Share of other energy expenses (%) 3.92 0.01 3.86 0.02 2.25 0.01 3.87 0.00 2.62 0.01
(9.12) (0.22) (8.10) (0.24) (6.47) (0.17) (8.00) (0.04) (5.97) (0.13)
Number of households 718 544 1,048 711 1,155 587 1,133 505 1,089 485

Notes: Treatment households are those living in gers and basic houses in zones 1, 2 and 3. The control households are those living in apartments in zone 4. Means are reported
in thousand Tugrik (MNT). The exchange rate for the end of survey period (December) ranged from US$1 ~ 1,257.0 MNT in 2010 to US$1~ 2,647.0 MNT in 2018. All values
are on per capita monthly basis and adjusted for inflation. Standard deviations are reported in the parentheses.



The treatment group increased its electricity expenditures in 2012, decreased them in 2014, and
increased them later. Conversely, the control households’ electricity expenditures remained stable
over the years, except in 2014 when both groups had lower expenditures than in the previous
year. In the table, we have also presented the share of electricity expenditures in household total
expenditures. The expenditure share of electricity was three percent for the treatment households
in 2010, whereas it was slightly lower for the control counterparts. The share declined for the
treatment households in 2012-2014 and increased in 2016-2018. In contrast, the control households
had a more stable share of electricity expenditures in all years, except in 2014 when it was much
lower than the other years.

The non-electricity energy expenditure displays a downward trend for the treatment households
as they are burning less coal and wood at night due to the subsidy. Since the control households
have central heating, their other energy expenditures are minimal compared to the treatment
group. The treatment households’ share of non-electricity energy expenditures in household total
expenses is seven percent in 2010, and it increases to above ten percent in 2012 and declines after
that. Overall, the share of energy expenditures in total household expenses declines slightly for the
treatment households. However, we observe that the treatment households increase their electricity
expenditures more than the control group during the analysis period.

Panel D of Table 2 shows the energy expenditures in non-winter months. Both electricity and
other energy expenditures follow similar patterns as in the winter months. However, the share of
electricity expenditures in total expenditures is higher for the treatment households in non-winter
months than in winter as there is no subsidy in the former period. In contrast, their share of
non-electricity energy expenditures is lower in that season as they burn wood and coal mainly for
cooking and less for heating purposes in non-winter months.

One advantage of using HSES for our investigation is that it collects some additional information
on the socio-demographic characteristics of the participants that are important to control for in the
analysis. Employed household member-specific information includes age, gender, education, marital
status, employment, income and type of residence. On the other hand, collected household-specific
information includes the household’s residential property type, income and expenditure. In both

types of models, we also include the type of heating devices used in residence to control for the
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channel that public distribution of heating devices can affect household consumption of electricity
and thus their members’ illness level.

Panel A in Table 3 reports the summary statistics of the control variables for the individual-level
analysis. The treatment individuals appear to be younger, have lower years of education, and have
a larger family. For both groups, about half of the sample is female, and around 40 percent of them
live in traditional gers. There is no difference in the consumption expenditure between the two
groups. The share of treatment individuals who use private boiler heaters increases over time while
there is no clear pattern in electric heaters. Finally, the percentage of treatment individuals using
traditional stoves reduces over time. This indicates that the treatment households switch from
coal-based heating to cleaner solutions such as private boilers. Panel B in the table reports the
summary statistics of the control variables for our household-level analysis. It shows that the age,
gender, and marital status of household heads are similar for both groups, and they remain similar
throughout the periods. Treatment household heads have slightly lower education and income and

have larger families than the control group.

3.2. EMPIRICAL MODEL

Our data will allow us to employ a flexible difference-in-differences (DiD) model to evaluate the
impact of the subsidy program on household electricity expenditures. The specific model is outlined

below

2018
yi = a+Bd.+ D (udi+6id. x di) + Xi0 + 6. + & (1)
t=2012

where, for each individual (or household in other models) i, y represents the likelihood of reporting
illness (or the natural logarithm of household monthly electricity expenditure in other models), d,
is a dummy variable taking the value of one for the treatment group who live in the air pollution
reduction zones 1, 2 and 3 (the light and dark grey, and hashed patterns areas in Figure 1) where
the electricity subsidy is provided during winter, and zero for the control households who live in
zone 4 (white areas in Figure 1), d; is a dummy taking the value of one for the year ¢t and zero for

other years (2010 is the reference period), X is a set of control variables and ¢ accounts for
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Table 3: Summary statistics of control variables for winter month sample
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unobservable effects. Please note that we do not have the zoning information for 2012, and so we
use the property types and heating source as the main criteria to identify the treatment households.

For individual-level analysis, X includes individual-specific controls listed in panel A of Table 3
while for the analysis of electricity expenditure, X includes household-specific variables listed in
panel B of the same table. We also control for districts, survey years, and months fixed effects
to account for district-level and time-specific variations in electricity expenditures. We cluster the
standard errors at the household level for the individual-level analysis, and at the district level for
the household-level analysis.

The coefficients d; in model (1) are the difference-in-differences (DiD) estimates, indicating the
impact of the subsidy on the likelihood of reporting illness (or household electricity expenditures).
For several reasons, the DiD estimates provide the lower bound of the effect of the subsidy on
household electricity expenditure. The first reason is spillover, in which the subsidy also results in
reduced pollution for the control individuals. With the increased use of electricity to heat homes,
the indoor pollution resulting from burning coal and wood would reduce substantially for the
treatment households. This will also result in lower outdoor pollution for the control households,
likely reducing their illness level. Second, the use of only a few years of data will ignore the long-run
health impact of pollution and thus report lower level of illness.

On the other hand, the electricity expenditures for 2010 include both daytime and nighttime
electricity consumption expenditures for the treatment households. However, for the subsidy period
2012-2018, the treatment group’s electricity expenditures are more likely to be for daytime usage
as the nighttime electricity was effectively free. Thus, the DiD estimates provide the lower bound
of the effect of the subsidy on household electricity consumption.

The DiD model compares the difference in the probability of reporting illness (or electricity
expenditures) between treatment households (i.e., those receiving the subsidy living in gers and
basic houses in the polluting zones) and the control households (i.e., those not eligible for the
subsidy living in apartments in zone 4) before and after the policy change. Since households living
in apartments in zone 4 are not eligible for the electricity price discount, we have an ideal and clean
control group to estimate the program’s causal effect.

The identifying assumption for the DiD model is that the difference in the probability of re-
porting illness and electricity expenditures between the treatment and control households would
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have remained the same in the absence of the policy. We cannot test the identifying assumption
directly. However, we validate the ‘common trends’ assumption by evaluating the historical trends
in electricity expenditures and undertake several placebo tests to examine the impact of the subsidy

program (Subsection 4.2).

4. RESULTS AND DISCUSSION

4.1. MAIN RESULTS

To investigate whether an electricity subsidy program reduces illness and affect household electricity
expenditures, we estimate Equation (1) with different sets of independent variables and present
those results. In modelling individual illness (or respiratory illness), the first sets of results are
derived from a model (basic model) that regresses the dependent variable on treatment and the
interaction of treatment and (survey) year dummies, together with district, month, and survey year
fixed effects. On the other hand, the final sets of results rely on a model (preferred model) that
adds individual-specific controls to the specification, including the heating sources in residence.

In modelling household expenditure on electricity, the first sets of results are derived from
a model (basic model) that regresses electricity expenditure on treatment and the interaction of
treatment and (survey) year dummies, together with district, month, and survey year fixed effects.
The next sets of results rely on a model that adds household-specific controls to the specification,
including the heating sources in residence. The final sets of results rely on a model (preferred
model) that further adds heating sources in residence. This way of analysis is to ensure that the
estimated effects of the subsidy are not driven by any strong association of the treatment variable
with any control variable.

The results for the probability of feeling ill in winter seasons are given in Table 4. Column 1
shows the basic model estimates for all ages and indicates that treatment individuals have a three
percentage points higher probability of reporting illness in the reference year, 2010. The survey-
year fixed effects indicate that the likelihood of feeling unwell increases over time for the control
individuals. The likelihood of reporting illness of the treatment individuals, compared to the control

individuals, declines by 6.0 and 5.8 percentage points in 2012 and 2014, respectively.

19



Table 4: Regression results of DiD models of the probability of illness in winter months

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.030*** 0.017 0.050* -0.017 0.030*** 0.033 0.018 0.066
(0.012)  (0.022)  (0.026)  (0.032)  (0.011)  (0.022) (0.052)  (0.109)
2012 0.043***  (0.082*** 0.064** -0.000 0.041***  0.094*** 0.008 0.121**
(0.012) (0.017) (0.028) (0.045) (0.012) (0.015)  (0.048)  (0.057)
2014 0.044***  0.078***  0.102*** 0.031 0.035***  0.085***  -0.042 0.059
(0.013)  (0.017)  (0.030)  (0.045)  (0.013)  (0.015)  (0.051)  (0.057)
2016 0.011 0.022* 0.054** 0.027 -0.003 0.011 0.013 0.039
(0.011) (0.012) (0.026) (0.027) (0.010) (0.010)  (0.055)  (0.055)
2018 0.071***  0.090***  0.105*** 0.066** 0.053***  0.079*** 0.069 0.130**
(0.013) (0.014) (0.027) (0.032) (0.013) (0.013)  (0.051)  (0.053)
Treatment x 2012 -0.060***  -0.067***  -0.098***  -0.109*** -0.053*** -0.054***  0.002 -0.014
(0.015)  (0.015)  (0.034)  (0.034)  (0.015)  (0.015)  (0.066)  (0.066)
Treatment x 2014 -0.058***  -0.066*** -0.117*** -0.117*** -0.050*** -0.053*** 0.026 0.017
(0.016) (0.016) (0.037) (0.037) (0.016) (0.016)  (0.067)  (0.068)
Treatment x 2016 0.008 -0.000 -0.003 -0.009 0.005 0.002 0.002 0.012
(0.015) (0.015) (0.034) (0.034) (0.014) (0.014)  (0.072)  (0.071)
Treatment x 2018 -0.048***  -0.055***  -0.109***  -0.110*** -0.026 -0.028* -0.013 -0.020
(0.016)  (0.016)  (0.034)  (0.034)  (0.017)  (0.017)  (0.069)  (0.069)
Individual’s age (years) 0.001***
(0.000)
Individual is female 0.017*** -0.001 0.022*** 0.027
(0.004) (0.008) (0.004) (0.018)
Individual’s education (years) -0.005*** -0.015** 0.003*** 0.001
(0.001) (0.002) (0.001) (0.004)
Household size 0.006* -0.024** 0.011*** 0.031***
(0.004) (0.011) (0.003) (0.011)
Ln(consumption) -0.135*** 0.249* -0.211%** -0.386™**
(0.049) (0.137) (0.037) (0.125)
Lives in ger 0.004 0.028** 0.000 -0.035
(0.006) (0.012) (0.006) (0.028)
Private boiler 0.030 0.093*** 0.015 -0.079
(0.023) (0.032) (0.023) (0.115)
Electric heater -0.017 -0.097*** 0.003 0.178
(0.023) (0.031) (0.030) (0.120)
Traditional stove 0.013 0.064*** -0.001 -0.040
(0.020) (0.024) (0.020) (0.104)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.03 0.02 0.03 0.01 0.02 0.04 0.05
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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The probability of illness changes similarly between the treatment and control individuals in
2016. The insignificant impact of the subsidy in 2016 can be attributable to the outbreak of highly
infectious diseases in Ulaanbaatar around that time.'? The treatment households are likely to have
higher risks of contracting infectious diseases because of their housing characteristics and poor
hygiene practices which is likely to offset the potential health benefit from the subsidy.

The relative probability of being ill again declines for the treatment individuals in 2018, this
time by about 4.8 percentage points. These outcomes are expected as the provision of subsidy
allows the treatment households to use electricity for heating and thus benefit directly from the
reduced indoor air pollution, although the resulting lower outdoor air pollution will positively affect
the health of both the treatment and control individuals.

Results from estimating the preferred model, presented in column 2 of Table 4, shows a similar
finding to that of the basic model, but the magnitudes of the DiD coefficients are now slightly higher.
We observe that females and older people are more likely to report illness while education and
household consumption reduce the likelihood of illness as found previously (Gove, 1984; Winkleby
et al., 1992; Ross and Wu, 1996). Housing conditions and heating devices at the residence have no
significant effect on illness in our data. Our overall finding is consistent with the previous studies
that find a negative effect of pollution on the exposed population (e.g., Janke et al., 2009).

Since distinct age groups may respond differently when they are exposed to pollution, we in-
vestigate the impact of the subsidy on the illness level for different age groups. Specifically, we
investigate the case for children (under 14 years), working-age adults (15-60 years) and older adults
(over 60 years). The DiD estimates for the children, presented in columns 3-4 of Table 4 suggest
that the younger benefits significantly from the subsidy. The likelihood of reporting illness for the
treatment children, compared to the control children, decline by 10.9 pp in 2012 and 11.7 pp in
2014. Again, it does not decline (relative to the control households) significantly in 2016 but by 11
pp in 2018. The results highlight that air pollution severely affects children, the most vulnerable

group and that the electricity subsidy positively impacts their health. This finding is in line with

12The outbreak of young children’s hand, foot, and mouth diseases was higher than the national average. It had
been in its highest record in 2016 since 2010. At the same time, Ulaanbaatar recorded the highest level of measles
outbreak in 2016, which was first diagnosed in 2015 after acquiring a measles elimination certificate from the WHO
in 2014. (NCHD, 2016, 2018; Orsoo et al., 2019). Hence, the the spread of the infectious disease could have offset
the positive health benefits of the electricity subsidy for the treatment households.
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other studies which find that air pollution increases infant morbidity and mortality, school absences,
and hospital admissions (Neidell, 2004; Currie et al., 2009a; Cesur et al., 2017; Palma et al., 2022).

The results for the working-age population are similar to the analysis for all age groups. Their
likelihoods of reporting illness are significantly lower for all years except for 2016. However, the
impacts are lower in magnitude for all the years, and it is less significant for 2018. Interestingly,
the treatment individuals above the age of 60 do not report significantly higher illness levels than
those reported by the control individuals. The pattern is in contrast to Anderson (2020), who find
pollution to increase mortality among adults over 75 years of age. The findings for older people in
our case may reflect that they have already taken adequate measures for their protection, so the
change in air pollution might not immediately impact them.

Air pollution has a direct impact on the respiratory system. Therefore, we investigate next
whether the subsidy reduces respiratory illnesses among the population in the winter season. We
report the results for all ages, children, the economically active group, and older people in Table 5.
The effects are similar to our previous findings with overall illness, but the magnitudes are lower,
as expected. For example, compared to their control counterpart, the likelihood of reporting res-
piratory illness for the treatment individuals has reduced by 3.1, 4.6, and 4.0 percentage points
in 2012, 2014, and 2018, respectively (column 2). Again, no significant difference in the changes
(in reporting respiratory illness) is observed for all groups for 2016. The results remain similar for
children, the working-age population and older adults (columns 4, 6 and 8). This finding is in line
with studies that find that air pollution increases respiratory symptoms such as asthma (Chay and
Greenstone, 2003; Neidell, 2004).

Overall, the results in Tables 4-5 indicate that the electricity subsidy program significantly
reduces the likelihood of reporting illness for all ages, especially the younger children. These short-
term gains in health are likely to have significant long-term benefits for the population as healthier

residents are generally more productive and will enjoy a higher living standard in the longer run.
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Table 5: Regression

results of DiD models of the probability of having respiratory illness in
winter months

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.020** -0.010 0.042* -0.019 0.014** -0.003 -0.019  -0.035
(0.008) (0.009) (0.024) (0.032) (0.007) (0.006)  (0.029) (0.027)
2012 0.023***  0.055*** 0.046* 0.075* 0.017*** 0.009 -0.009 0.022
(0.008)  (0.012)  (0.025)  (0.043)  (0.006)  (0.009)  (0.028)  (0.030)
2014 0.040***  0.069***  0.102***  0.126***  0.021*** 0.013 -0.007 0.024
(0.010) (0.012) (0.029) (0.045) (0.008) (0.009)  (0.029) (0.031)
2016 0.016™  0.021***  0.048** 0.047* 0.002 -0.001 -0.011 -0.004
(0.008) (0.008) (0.024) (0.026) (0.005) (0.005)  (0.029) (0.029)
2018 0.043***  0.058***  0.091***  0.094***  0.024*** 0.019** -0.015 0.001
(0.009)  (0.010)  (0.025)  (0.030)  (0.008)  (0.008)  (0.026) (0.026)
Treatment x 2012 -0.029***  -0.031***  -0.072**  -0.074**  -0.018**  -0.018** 0.022 0.025
(0.011) (0.011) (0.032) (0.031) (0.009) (0.009)  (0.035) (0.034)
Treatment x 2014 -0.045***  -0.046***  -0.106™** -0.101*** -0.027*** -0.028"** -0.011 -0.010
(0.012)  (0.012)  (0.035)  (0.035)  (0.010)  (0.010)  (0.035) (0.035)
Treatment x 2016 0.009 0.010 0.012 0.012 0.005 0.004 0.036 0.040
(0.011) (0.011) (0.032) (0.032) (0.008) (0.008)  (0.037) (0.038)
Treatment x 2018 -0.038***  -0.040***  -0.093*** -0.081***  -0.024**  -0.025** 0.017 0.019
(0.012) (0.012) (0.032) (0.031) (0.010) (0.010)  (0.033) (0.033)
Individual’s age (years) -0.001***
(0.000)
Individual is female 0.004 -0.003 0.007*** 0.009
(0.003) (0.008) (0.002) (0.009)
Individual’s education (years) -0.002*** 0.006** -0.000 0.003*
(0.001) (0.003) (0.000) (0.002)
Household size 0.007*** 0.005 -0.003 0.008
(0.002) (0.011) (0.002) (0.005)
Ln(consumption) -0.123*** -0.130 0.030 -0.125**
(0.033) (0.140) (0.022) (0.061)
Lives in ger 0.003 0.019 0.001 -0.010
(0.005) (0.012) (0.004) (0.013)
Private boiler 0.031*** 0.063** 0.026*** -0.015
(0.011) (0.031) (0.008) (0.013)
Electric heater -0.021 -0.079*** -0.001 0.065
(0.017) (0.028) (0.021) (0.060)
Traditional stove 0.023*** 0.057** 0.018*** 0.024**
(0.006) (0.025) (0.003) (0.012)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.04 0.02 0.05 0.01 0.01 0.01 0.01
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Next, we investigate the effect of the subsidy on electricity expenditures, another outcome
variable in our study. Again, we conduct separate analyses for expenditures made on winter and
non-winter months, and the results are reported in Table 6. The basic model results in column 1
indicate that the electricity expenditure of the treatment households in the winter season are around
34 percent lower in 2010 than those in the control group. The survey year fixed effects indicate
that the control households reduced their electricity expenditures in all years, except for 2016.
This can be due to the use of energy-saving electric appliances as a result of governmental and
non-governmental initiatives for reducing electricity consumption and previous research find that
normative social influence can produce change in behaviour (Allcott and Rogers, 2014; Nolan et al.,
2008).

The DiD estimates for each survey year are positive and significant, indicating that the treat-
ment households significantly increase their expenditure on electricity relative to their control coun-
terpart. Following the intervention, the difference in electricity expenditures between the two
groups declined. Specifically, compared to the control group, the treatment households increased
their electricity expenditures by 17, 21, 20 and 30 percent more in 2012, 2014, 2016 and 2018.
These estimated effects are particularly large, especially when we consider that they are the lower
bound of the estimates, as discussed earlier.

We add household-specific control variables into the model and report the results in column 2
of Table 6. The results are roughly similar except that the estimates of the DiD coefficients are
slightly higher than those in the base model. The coefficients of the household-specific control
variables, reported in column 2, are intuitive. For example, the household head’s age, education,
marital status, family size, and household income significantly increase electricity expenditures.
Such impacts are expected as they all are likely to affect electricity demand positively.

On the other hand, households with female heads have lower electricity expenditures than
those with male heads. Households living in traditional gers have significantly lower electricity
expenditures than those living in other residential property types. Households in gers have limited
space to heat or use large electrical appliances such as washing machines, refrigerators, and electric
cooking stoves compared to houses. This pattern of expenditure has been observed in the previous

empirical analysis of electricity demand (Hasan and Mozumder, 2017; Thomas et al., 2020).
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Table 6: Regression results of DiD models of the impact of subsidy on household

monthly electricity expenditures

Winter months

Non-winter months

Variable (1) (2) (3) (4) (5) (6)
Treatment -0.296**  -0.208**  -0.339**  -0.177*** -0.116*** 0.004
(0.075)  (0.067)  (0.099)  (0.024)  (0.021)  (0.039)
2012 -0.045 -0.125** -0.113** -0.034 -0.117** -0.106**
(0.038) (0.032) (0.032) (0.033) (0.035) (0.035)
2014 -0.133***  -0.225***  -0.209*** -0.161*** -0.246™** -0.232***
(0.032) (0.029) (0.028) (0.006) (0.021) (0.018)
2016 0.043 -0.024 -0.013 -0.006 -0.072 -0.064
(0.040)  (0.019)  (0.020)  (0.052)  (0.039)  (0.040)
2018 -0.040 -0.127***  -0.115*** -0.073 -0.148***  -0.139***
(0.030) (0.014) (0.012) (0.037) (0.017) (0.017)
Treatment x 2012 0.156*** 0.208*** 0.185*** 0.116 0.180** 0.156*
(0.034) (0.047) (0.041) (0.060) (0.058) (0.066)
Treatment x 2014 0.190** 0.253*** 0.193** 0.137** 0.197***  0.161***
(0.062)  (0.059)  (0.057)  (0.036)  (0.035)  (0.035)
Treatment x 2016 0.186* 0.211** 0.173* 0.132%** 0.187*** 0.165***
(0.078) (0.069) (0.070) (0.033) (0.029) (0.026)
Treatment x 2018 0.261*** 0.298%** 0.237*** 0.255*** 0.294*** 0.232%**
(0.058) (0.057) (0.048) (0.031) (0.030) (0.032)
Household head’s age (years) 0.003** 0.003** 0.002***  0.002***
(0.001)  (0.001) (0.000)  (0.000)
Household head is female -0.001 -0.002 -0.006 -0.008
(0.017) (0.019) (0.014) (0.015)
Household head’s education (years) 0.012***  0.009*** 0.012***  0.011***
(0.001) (0.002) (0.001) (0.001)
Household head is married 0.083*** 0.082** 0.078***  0.063***
(0.019)  (0.024) (0.011)  (0.013)
Share of working members 0.043** 0.037** 0.021 0.020
(0.012) (0.011) (0.033) (0.033)
Household size 0.057***  0.060*** 0.056***  0.059***
(0.005) (0.005) (0.006) (0.005)
Ln(income) 0.071***  0.063*** 0.069***  0.062***
(0.013)  (0.012) (0.012)  (0.011)
Lives in ger -0.228***  -0.181*** -0.197***  -0.146***
(0.015) (0.009) (0.015) (0.010)
Private boiler 0.200** -0.016
(0.070) (0.026)
Electric heater 1.504*** 1.005***
(0.104) (0.101)
Traditional stove 0.109 -0.160**
(0.066) (0.041)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.04 0.17 0.26 0.03 0.17 0.27
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p <0.05,
*¥** p <0.01. The reference group is households living in house, have male & unmarried household head and using regular
heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-in-differences model
with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific controls to the specification,
including the type of residence. The preferred model results in Columns 3 and 6 further add heating sources in the
residence to the specification.

25



Our preferred specification adds heating appliances to the model. The results in column 3 of
Table 6 provide DiD estimates that are slightly lower than those in columns 1-2. Specifically, the
treatment households increase their electricity expenditures by 20, 21, 19 and 27 percent respectively
in 2012, 2014, 2016 and 2018, compared to their control counterparts. The additional control
variables show that households with different heating appliances have varying electricity usage.
For example, compared to the control group (living in apartments with central heating systems),
households living in basic houses with private boilers and electric heaters have significantly higher
electricity expenditures. On the other hand, households that use traditional stoves also have higher
but statistically insignificant electricity expenditures. The preferred model in column 3 has an
adjusted R? of 0.26, implying that our model explains the variations in electricity expenditures
reasonably well.

The significance of the DiD estimates after controlling for the heating appliances used in res-
idence is particularly informative about increased electricity expenditure. These results indicate
that increased electricity expenditure is likely to be associated with the change in preference for en-
ergy rather than the availability of heating appliances. The convenience and health benefit makes
it difficult to ignore electricity. Given the incentive (subsidy) to transition from the traditional
energy sources during high demand periods, people make a permanent switch to electric appliances
more generally, thus increasing their electricity expenditure significantly in the months without the
subsidy. The policy therefore results in ancillary benefits of transition to cleaner energy.

The results from the analysis with electricity expenditures in non-winter months, during which
treatment households do not receive any subsidy, is shown in columns 4-6 of Table 6. The coeffi-
cients of the DiD estimates are positive and significant, although slightly lower than those for the
winter. Without any subsidy during the non-winter seasons, a positive DiD estimate indicates a
positive effect on their electricity consumption. The finding may appear counter-intuitive in the first
instance as, without any subsidy, treatment households are unlikely to change their electricity con-
sumption differently than the control group. However, the change in their electricity consumption
behaviour can be due to the change in treatment households’ demand and preference for electricity.
Since the treatment households do not pay for their nighttime electricity use in the winter season,
they are likely to change their habit and continue to use electrical appliances for cooking and other

purposes. This may allow them to switch from coal to electricity even in the non-winter months.
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Also, being used to electricity may make the treatment households understand its value, making
them unlikely to switch to non-electric fuels such as wood and coal in the non-winter months.
The findings in Table 6 show that treatment households increase their daytime electricity use
significantly since they face free or lower-priced nighttime consumption. Such outcomes are com-
parable to the findings of other studies (Burke and Kurniawati, 2018; Boccard and Gautier, 2021;
Xie et al., 2022). For example, Xie et al. (2022) find rural households in China experiencing sharp
increases in heating expenditure after being enrolled in the clean heating program, even with the
subsidized electricity prices. Households in Belgium increase their electricity consumption signifi-
cantly when they face a lower price (Boccard and Gautier, 2021). A reduction in energy subsidy
lowers the electricity demand in Indonesia (Burke and Kurniawati, 2018). However, our findings are
in contrast to some previous studies like Bagnoli and Bertoméu-Sanchez (2022) who find subsidies
to decrease expenditure on electricity. Showing that subsidy on electricity price in the winter sea-
son increases expenditure in winter and non-winter seasons, our findings provide additional insights

into how consumers react when facing a subsidized energy price.

4.2. COMMON TREND AND PLACEBO TEST

The validity of our estimates in Table 4 (Table 5) rely on the assumption that the difference in
illness (respiratory illness) of the treatment and control households would have remained the same
in the absence of the subsidy. To do so, we now investigate the same with the individuals for
which the data has been collected in the non-winter months. This will serve as a placebo test
since we would not expect any impact in the absence of the subsidy. In line with our expectation,
we generally do not observe any significantly negative DiD estimates for the entire population or
younger children, working-age population, and older people (Table 7).

We then repeat the analysis with the respiratory system illness using the non-winter sample.
We again observe no significant negative effect except for small effects in 2012 (Table 8). Thus
these two two placebo test results validate the common trend assumption for our models of illness

and respiratory system illness.
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Table 7: Regression results of DiD models of the probability of illness: Placebo test

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.004 0.007 0.011 0.018 0.006 0.009 -0.007 -0.009
(0.008)  (0.015)  (0.012)  (0.025)  (0.008)  (0.015)  (0.051)  (0.101)
2012 0.016*  0.065***  0.052*** 0.020 0.006 0.084*** -0.031 0.071
(0.009) (0.013) (0.017) (0.028) (0.009) (0.012) (0.043) (0.050)
2014 -0.006  0.038*** 0.028* -0.004 -0.008 0.066***  -0.094** 0.004
(0.008)  (0.012)  (0.016)  (0.026)  (0.008)  (0.011)  (0.042)  (0.049)
2016 0.011 0.022** 0.048*** 0.037** -0.009 0.008 0.023 0.053
(0.009) (0.009) (0.017) (0.018) (0.008) (0.008) (0.048) (0.048)
2018 0.018**  0.039*** 0.002 -0.015 0.027**  0.064*** 0.005 0.056
(0.009) (0.010) (0.013) (0.017) (0.011) (0.012) (0.046) (0.048)
Treatment x 2012 -0.006 -0.012 -0.029 -0.031 -0.009 -0.008 0.111* 0.093
(0.011)  (0.011)  (0.020)  (0.020)  (0.011)  (0.011)  (0.062)  (0.062)
Treatment x 2014 0.021** 0.016 -0.021 -0.023 0.019* 0.019* 0.146** 0.134**
(0.010) (0.010) (0.019) (0.019) (0.011) (0.011) (0.060) (0.060)
Treatment x 2016 0.004 -0.002 -0.026 -0.031 0.014 0.013 0.028 0.028
(0.011) (0.011) (0.020) (0.020) (0.011) (0.011) (0.065) (0.065)
Treatment x 2018 0.030**  0.030*** 0.037** 0.031* 0.021 0.024* 0.070 0.081
(0.012)  (0.012)  (0.017)  (0.017)  (0.014)  (0.014)  (0.063)  (0.064)
Individual’s age (years) 0.002***
(0.000)
Individual is female 0.012*** 0.002 0.012%** 0.028*
(0.003) (0.005) (0.003) (0.017)
Individual’s education (years) -0.002*** -0.007*** 0.004*** -0.001
(0.001) (0.001) (0.001) (0.003)
Household size 0.008*** -0.013** 0.017*** 0.026**
(0.003) (0.007) (0.002) (0.010)
Ln(consumption) -0.182*** 0.117 -0.321*** -0.360***
(0.039) (0.084) (0.030) (0.109)
Lives in ger 0.003 -0.001 0.009** -0.003
(0.004) (0.007) (0.005) (0.028)
Private boiler 0.009 0.029 0.005 -0.020
(0.015) (0.026) (0.015) (0.100)
Electric heater -0.021 -0.005 -0.025 -0.097
(0.017) (0.036) (0.015) (0.077)
Traditional stove -0.003 -0.002 -0.004 -0.000
(0.014) (0.022) (0.014) (0.094)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.04 0.02 0.02 0.01 0.02 0.03 0.05
N 29,813 29,813 8,379 8,379 19,325 19,325 2,109 2,109

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, ***
p <0.01. The reference group is individuals living in house, male and using regular heater for residential heating; the
reference year is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey
year fixed effects. Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the

residence and heating sources in residence.
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Table 8: Regression results of DiD models of the probability of having respiratory
illness: Placebo test

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.004 -0.005 0.008 0.008 0.001 -0.005* 0.002 -0.018
(0.005) (0.006)  (0.011)  (0.020) (0.004) (0.003)  (0.016) (0.014)
2012 0.017***  0.043***  0.038** 0.005 0.008* 0.018*** 0.024 0.036*
(0.006)  (0.008)  (0.015)  (0.026)  (0.004)  (0.006)  (0.014) (0.019)
2014 0.005 0.028*** 0.019 -0.015 -0.003 0.007 0.016 0.027
(0.005) (0.007)  (0.015)  (0.024) (0.004) (0.005)  (0.015) (0.019)
2016 0.013**  0.017***  0.036** 0.024 -0.003 -0.001 0.030 0.032
(0.006) (0.006)  (0.015)  (0.016) (0.004) (0.004)  (0.019) (0.020)
2018 0.000 0.011** -0.001 -0.019 -0.005 0.000 0.015 0.021
(0.005)  (0.005)  (0.012)  (0.015)  (0.003)  (0.004)  (0.014) (0.016)
Treatment x 2012 -0.015**  -0.017**  -0.025 -0.027  -0.012**  -0.012**  -0.007  -0.010
(0.007) (0.007)  (0.018)  (0.018) (0.005) (0.005)  (0.023) (0.023)
Treatment x 2014 -0.002 -0.003 -0.015 -0.017 0.002 0.002 -0.003  -0.006
(0.006)  (0.006)  (0.018)  (0.018)  (0.005)  (0.005)  (0.022) (0.022)
Treatment x 2016 -0.006 -0.007 -0.022 -0.026 0.003 0.002 -0.008 -0.009
(0.007) (0.007)  (0.018)  (0.018) (0.005) (0.005)  (0.026)  (0.026)
Treatment x 2018 0.011* 0.012* 0.023 0.016 0.009* 0.009* -0.008  -0.008
(0.006) (0.006)  (0.015)  (0.015) (0.005) (0.005)  (0.020)  (0.020)
Individual’s age (years) -0.000***
(0.000)
Individual is female 0.001 0.001 0.002 0.008
(0.002) (0.005) (0.001) (0.007)
Individual’s education (years) -0.001 -0.008*** 0.001*** 0.000
(0.000) (0.001) (0.000) (0.001)
Household size 0.005*** -0.013** 0.001 0.001
(0.002) (0.006) (0.001) (0.004)
Ln(consumption) -0.101*** 0.120 -0.044*** -0.044
(0.021) (0.076) (0.014) (0.044)
Lives in ger -0.002 -0.003 0.002 -0.002
(0.003) (0.006) (0.002) (0.010)
Private boiler 0.016** 0.031 0.009*** 0.028
(0.006) (0.021) (0.003) (0.017)
Electric heater 0.001 0.003 0.001 -0.034**
(0.013) (0.034) (0.008) (0.017)
Traditional stove 0.007 0.005 0.007*** 0.023*
(0.005) (0.017) (0.002) (0.012)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.02 0.02 0.03 0.00 0.00 0.01 0.01
N 29813 29813 8,379 8,379 19,325 19,325 2,109 2,109

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, ***
p <0.01. The reference group is individuals living in house, male and using regular heater for residential heating; the
reference year is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey
year fixed effects. Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the
residence and heating sources in residence.
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Similarly, for household electricity expenditure model, DiD estimates’ validity relies on the
assumption that the difference in the electricity expenditure between the treatment and control
households would have remained the same in the absence of the subsidy. We validate this as-
sumption in two ways. First, we examine the common trend graphically by plotting the (natural

logarithm of) electricity expenditures (Figure 3).
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Figure 3: Household monthly electricity expenditures in winter months, 2008-2018

The figure shows that the control households had higher electricity expenditures in 2008 and
2010 before the onset of the subsidy. The electricity expenditures grew at a similar rate from 2008
to 2010. However, in 2012 the treatment households increased their electricity expenditures while
the control group slightly reduced their spending. Although both groups reduced their electricity
expenditures in 2014 from the previous year, the difference in their electricity expenditures de-
creased. The electricity expenditures for both groups increased in 2016 and declined in 2018, but
the difference was even smaller in 2018. The common trend graph confirms that the DiD estimates

are valid for evaluating the effectiveness of the subsidy.
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Second, we check the policy’s effectiveness by performing a placebo test with a false treatment.
In that test, we estimate Equation (1) using the same control group, but households living in
apartments (rather than gers) located in zones 1, 2, and 3 (the polluting zones) are considered
as treatment households. These treatment households do not rely on coal as they have a central
heating system and should not be affected by the policy intervention.'® Note that we exclude 2012
survey round data from this placebo test as they do not have subdistrict level location information
for the households to precisely define the zones.

We present the placebo test results in Table 9, again separately for households surveyed in winter
and non-winter seasons. The results in column 1 for the winter sample indicate that, compared to
the control group, the alternative treatment households had around 12 percent higher electricity
expenditures in 2010. The survey year-fixed effects indicate that the control group reduces their
electricity expenditures over time, although the coefficients are not always statistically significant.
The DiD estimates show the difference in changes in electricity expenditures between the two groups
but are not statistically significant at any conventional level of significance. Adding household-
specific control variables in column 2 does not affect the results. The DiD estimates in columns 3-4
for the non-winter months are also statistically insignificant. Overall, the results validate the DiD

estimates in Table 6.

4.3. ROBUSTNESS CHECKS

We undertake several robustness checks to ensure that our choice of data, estimation technique and
model and data do not drive the results. First, dropping observations for which we have corrected
for missing illness values (assuming no illness) do not affect our conclusions (Tables A.1-A.2).
Second, as the preferred technique, we used the linear probability model (LPM) to estimate illness
models. Now we estimate those models with probit and logit techniques to see whether the results
are sensitive to different estimation techniques (Tables A.3-A.6). In both cases, we arrive at a

similar conclusion.

13Note that, as a consequence of selecting households living in apartments, for both for the treatment and the
control groups, control variables like property type and heating appliances are dropped from the model.
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Table 9: Regression results of DiD models of the effect of
electricity subsidy on household monthly electricity
expenditures: Placebo test

Winter months Non-winter months
Variable (1) (2) (3) (4)
Treatment 0.112 0.061 -0.167 -0.218*
(0.083) (0.045) (0.089) (0.085)
2014 -0.197***  -0.203*** -0.159*** -0.181***
(0.032) (0.022) (0.017) (0.018)
2016 -0.021 -0.023 -0.029 -0.028
(0.047) (0.030) (0.062) (0.058)
2018 -0.074 -0.093** -0.106*  -0.123***
(0.058) (0.031) (0.046) (0.028)
Treatment x 2014 -0.029 -0.023 0.065 0.066
(0.142) (0.111) (0.077) (0.069)
Treatment x 2016 0.074 0.088 0.030 0.006
(0.087) (0.055) (0.135) (0.130)
Treatment x 2018 -0.078 -0.092 0.105 0.064
(0.079) (0.050) (0.073) (0.065)
Household head’s age (years) 0.005*** 0.004***
(0.001) (0.000)
Household head is female -0.047 0.007
(0.029) (0.015)
Household head’s education (years) 0.009** 0.010**
(0.003) (0.004)
Household head is married 0.026 0.069**
(0.027) (0.027)
Share of working members 0.022 0.034
(0.034) (0.059)
Household size 0.089*** 0.081***
(0.007) (0.006)
Ln(income) 0.043*** 0.032**
(0.005) (0.010)
Subdistrict fixed effects Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes
Adjusted R? 0.06 0.23 0.06 0.20
Number of households 2,184 2,184 2,851 2,851

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses.
* p <0.10, ** p <0.05, *** p <0.01. The reference group is households with male & unmarried
household head and the reference year is 2010. Columns 1 and 3 run the basic difference-in-
differences model with district, month, and survey year fixed effects. Columns 2 and 4 add
household—specific controls to the specification. Residence type and heating source in the res-
idence are not included in the model as all households live in apartments connected to central
heating.

Next, we examine whether covariate selection significantly modifies our results. In our result
tables for the illness models, we present two sets of results — one without covariates and the other
with them. The similar results in both cases indicate that our results do not depend heavily
on the included covariates. Furthermore, using education as categories (instead of continuous)

(Tables A.7-A.8) and/or age in quadratic form (Table A.9) does not affect our results. Thus, all
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the robustness check results support our finding that individuals benefit from the support program
as their likelihood of reporting illness and respiratory illness reduces with the introduction of the
subsidy.!*

We also investigate the sensitivity of the estimated impact of the subsidy with different models
and data. First, when we use the level value of electricity expenditure, we arrive at a similar
conclusion (Table A.10). Second, our results do not change qualitatively when we use per capita
electricity expenditures and per capita income in the model (Table A.11). A similar result is also
observed when using equivalized income with either the OECD scale (Table A.12) or the square root
of the family size scale (Table A.13). Using education as a categorical (rather than a continuous)
variable and/or age in quadratic form in the model provide similar results (Tables A.14-A.15).

We also examine the consequence of using a pooled dataset or a subsample. In that, rather than
conducting analysis separately for winter and non-winter samples, we analyze electricity expendi-
tures with the entire sample of 13,741 households. Again, we observe results that are similar to
our main findings (Table A.16). Repeating the analysis with only 2010 and 2012 data, since it can
be argued that the introduction of subsidy is really a shock in 2012 but not afterwards, provides a
similar coefficient for the later period (Table A.17). Again, all of our robustness checks validate our
finding that the subsidy on nighttime electricity consumption increases the electricity expenditure

of the affected households.

4.4. PoLICY IMPLICATIONS

We find that a subsidy on nighttime electricity consumption reduces the recipient households’
reported sicknesses. While we have not directly investigated whether the program achieves its
intended consequence of reducing pollution, a reduced sickness for the treated households indicates
its likely success. The estimated health benefit occurs even when (by design) the benefit spills over
to the control households in the form of reducing pollution.

Therefore, our findings are important for Mongolia and other countries that provide substan-
tial energy subsidies. Country-level studies find energy subsidy to improve household health and
welfare, including Argentina (Giuliano et al., 2020), China (Teng et al., 2019; Liu et al., 2020), In-

donesia (Burke and Kurniawati, 2018), Pakistan (Khalid and Salman, 2020), Turkey (Cesur et al.,

14 A1l the mentioned results are available from the corresponding author upon request.
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2017) and the United States (Hahn and Metcalfe, 2021). These short-term health gains will have
substantial long-term socio-economic benefits as healthier children will have better education out-
comes and be more productive members of society. On the other hand, improved health outcomes
will reduce morbidity costs of air pollution, such as health care expenditures and utilization (Liu
and Ao, 2021).

We also find an unintended positive consequence of the subsidy. The preference of the beneficiary
households changes in a way that increases their daytime electricity expenditure in winter months,
when they do not receive any subsidy on their electricity consumption. They even increase their
electricity expenditure in the non-winter season, when there is no provision of subsidy on daytime
or nightime expenditure on electricity.

Our finding aligns with previous studies that describe habit formation as a crucial channel to
stimulate future use of products and services. For example, Meriggi et al. (2021) study how a
short-term subsidy for a new product affects its future demand and find that short-term subsidies
increase future willingness-to-pay. Dupas (2014) find short-run subsidies for new health products
to impact its’ long-run adoption by raising knowledge about the usefulness of the product. Along
that line, Hussam et al. (2022) find that monitoring and incentives persistently raise handwashing
in rural India, providing evidence for rational habit formation.'®

In case of energy, Boccard and Gautier (2021) find that subsidies to encourage renewable energy
use result in a higher than expected increase in electricity consumption, which is counter to the
original policy’s intended outcome. High-frequency information has been found to affect residential
electricity usage beyond the short and medium run, providing evidence of habit formation (Jessoe
and Rapson, 2014). Thus, our findings indicate an important channel that can induce increased
electricity use (and decreased dirty energy use), further raising the health benefit.

Due to the lack of electricity usage data in the household survey, our analysis focuses on elec-
tricity expenditures instead of actual consumption. To get a more precise idea about the program,

we would ideally like to know the change in electricity usage, a more policy-relevant variable.

5Persistence in behavior can result from changes in the production function, knowledge acquisition (explicit or
tacit) of the costs and benefit of actions, influence of social interactions, or the changes in consumption stock (Hussam
et al., 2021, 2022). We have not distinguished among those channels as existing literature typically defines long-run
persistence of temporary interventions as habit formation.
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Therefore, using the available data, we have made a back-of-the-envelope calculation of overtime
electricity consumption for treatment and control households.

Based on the calculations, Figure 4 shows the electricity usage before the onset of the interven-
tion in 2010 and the subsequent years. The treatment households consume around 86 kWh and
110 kWh of electricity a day in 2008 and 2010, respectively, against the control group’s usage of
107 kWh and 133 kWh at the same time. After the subsidy commence in 2012, the treatment
households increase their electricity consumption to 162 kWh, while the control households use 132
kWh. The treatment households’ electricity usage are 162 kWh in 2014, 185 kWh in 2016, and
290 kWh in 2018. The control households have a relatively stable electricity usage in the same
period, fluctuating between 107 kWh and 140 kWh. The pattern reassures us that the treatment
households adjust their electricity consumption behaviour as a result of the subsidy program.

It is also important to note that coal-based power plants generate electricity in Ulaanbaatar.
Therefore, the subsidized electricity used for heating in winter can still pollute the environment and
negatively affect the local population’s health. However, the advantage of subsidizing electricity is
that the government can monitor and manage the pollution generated at the thermal power plant
level more easily than at the household level. Power plants are also likely to be more efficient in

using energy than individual heating units. Another benefit is that power plants generate outdoor

16We obtained some data about the received subsidy from the Ministry of Energy through personal communication.
We have the number of households (treatment households) who received the subsidy, the total electricity consumed
in kWh during the subsidy months, and the total monetary amount of subsidy provided for 2017 and 2018. Relying
on these aggregate figures, we calculated the average electricity consumption per household per month by dividing
total electricity consumption (in kWh) by the number of households. The average electricity consumption per
household gives us an approximate electricity usage at nighttime during the subsidy months from November until
April. However, the average electricity consumption was below the cap of 700kWh of free electricity at night,
indicating that households did not pay for nighttime use in November and December 2018. Note that the aggregate
data did not have information about the household appliance capacity, such as 220V versus 380V.

Since we know that nighttime electricity is free from the above calculation, we estimated the electricity usage in
the daytime for the treatment households using the tariffs. The daytime tariff (6 am—9 pm) is US$0.043 per kWh,
while the nighttime tariff (9 pm—6 am) is US$0.032 per kWh. The monthly base tariff is US$0.828 per month. First,
we subtracted the base tariff from household monthly electricity expenditures to estimate the daytime consumption
expenditures. Then we divided the daytime expenditures by daytime tariff to calculate daytime electricity consump-
tion. We added daytime usage to the nighttime usage calculated from the aggregate figures above to get the total
electricity consumption per household. Since there was an increase of 15-20 percent in the average nighttime electric-
ity consumption per household from 2017 to 2018, we reduced the nighttime electricity consumption by 10 percent
from the 2017 usage to calculate 2016 usage. The same procedure is applied to get the electricity consumption for all
previous years. However, we used the discount for nighttime usage for a 50 percent discount subsidy in 2012-2016.
Instead of the flat usage rate for the control households, we averaged nighttime and daytime rates to estimate the
price per kWh. Then we subtracted the base rate from the electricity expenditures and divided the difference by
average price to arrive at total electricity consumption.
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Figure 4: Back of the envelope analysis of household electricity consumption (kWh), 2008-2018

pollution, which is likely to be less severe than the indoor pollution generated by individual coal-
based heating and cooking units.

It is important to note that the huge electricity subsidy imposes a huge fiscal burden, and the
benefit needs to be weighed against the opportunity cost of the subsidy on welfare (Coady et al.,
2017). For example, in Mongolia, it is uncertain how long the subsidy will be available and whether
it is fiscally feasible for a prolonged period (World Bank, 2019). In this context, we argue that,
while comparing to costs of a subsidy, benefit from the intended as well as unintended consequences
should be considered. This is particularly because the overtime pollution level remains very high in
Mongolia. The distribution of PMs 5 levels in Ulaanbaatar during cold winter months from October
to April in 2011-2019 in Figure 5 demonstrates so as an example. The situation is similar in many

other countries around the world (Currie et al., 2014; Graff Zivin and Neidell, 2013; Arceo et al.,
2016).
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Figure 5: PMs 5 level during winter months (October-April) in Ulaanbaatar, 2011-2019

5. CONCLUSION

We investigate the impact of an electricity subsidy program on the likelihood of reporting illness
and household electricity expenditures in Ulaanbaatar, Mongolia. For our investigation, we use five
rounds of household survey data covering 2010-2018 and difference-in-differences models employing
individuals and households eligible for the subsidy as treatment vs those ineligible as the control
group. The results suggest a positive effect of the policy that reduces the likelihood of individuals’
reporting illnesses, especially for children and working-age people. Our analysis also indicates that
households receiving the subsidy increase their electricity expenditures significantly than the control
households during the cold winter months and non-winter months. These findings are robust to
alternative specifications.

Our investigation adds to the existing literature on the effectiveness of government intervention
to increase access to electricity and reduce air pollution. The study shows that electricity subsidy
effectively reduces the prevalence of respiratory illnesses among the general population and can even
induce households to permanently increase their non-subsidised electricity usage. The short-term

gains from reduced air pollution and improved health benefits further improve productivity and
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raise living standards in the long run. On the other hand, electricity subsidy changes the habit of
the recipient households who increase their expenditure on (and thereby consumption of) electricity
when the subsidy is not provided. This will allow the subsidy to indirectly contribute in improving
health of the affected population. Therefore, in determining the usefulness of the electricity subsidy
program, its fiscal cost needs to be compared with the benefit it generates, including the unintended

benefit of increased electricity usage in winter and non-winter seasons.

FUNDING

None.

CREDIT AUTHOR STATEMENT

Odmaa Narantungalalag: Conceptualization, Data curation, Methodology, Formal analysis,
Writing - Original draft.
Syed Hasan: Conceptualization, Writing - review & editing.

Martin Berka: Conceptualization, Writing - review & editing.

ACKNOWLEDGEMENTS

We thank Andrea Menclova, Simona Fabrizi, Derrin Davis, Igbal Syed, Oscar Lau, Adnan Balloch,
Munkhsaikhan Batdorj, the participants at the 2021 New Zealand Virtual PhD Workshop and 2021

Massey University School of Economics and Finance Seminar.

38



REFERENCES

Allcott, H. (2015). Site selection bias in program evaluation. Quarterly Journal of Economics,
130(3):1117-1165.

Allcott, H. and Rogers, T. (2014). The short-run and long-run effects of behavioral interventions:

Experimental evidence from energy conservation. American Economic Review, 104(10):3003-37.

Allen, R. W., Gombojav, E., Barkhasragchaa, B., Byambaa, T., Lkhasuren, O., Amram, O., Takaro,
T. K., and Janes, C. R. (2013). An assessment of air pollution and its attributable mortality in
Ulaanbaatar, Mongolia. Air Quality, Atmosphere & Health, 6(1):137-150.

Alvarez, G. G. and Tol, R. S. (2021). The impact of the Bono Social de Electricidad on energy
poverty in Spain. Energy Economics, 103:105554.

Anderson, M. L. (2020). As the wind blows: The effects of long-term exposure to air pollution on
mortality. Journal of the Furopean Economic Association, 18(4):1886-1927.

Arceo, E., Hanna, R., and Oliva, P. (2016). Does the effect of pollution on infant mortality differ
between developing and developed countries? Evidence from Mexico City. Economic Journal,
126(591):257-280.

Bagnoli, L. and Bertoméu-Sanchez, S. (2022). How effective has the electricity social rate been in

reducing energy poverty in Spain? FEnergy Economics, 106:105792.

Balarama, H., Islam, A., Kim, J. S., and Wang, L. C. (2020). Price elasticities of residential
electricity demand: Estimates from household panel data in Bangladesh. FEnergy Economics,
92:104937.

Boccard, N. and Gautier, A. (2021). Solar rebound: The unintended consequences of subsidies.
Energy Economics, 100:105334.

Bold, B. (2018). Ger districts account for 60 percent of Ulaanbbaatar’s electricity consumers. News
article, Montsame News Agency, Ulaanbaatar, Mongolia. Available from: https://bit.ly/31oiHHv
[Accessed: 4 Jan, 2022].

Burke, P. J. and Kurniawati, S. (2018). Electricity subsidy reform in Indonesia: Demand-side
effects on electricity use. Energy Policy, 116:410-421.

Cesur, R., Tekin, E., and Ulker, A. (2017). Air pollution and infant mortality: evidence from the

expansion of natural gas infrastructure. Economic Journal, 127(600):330-362.

Chay, K. Y. and Greenstone, M. (2003). The impact of air pollution on infant mortality: Evidence
from geographic variation in pollution shocks induced by a recession. Quarterly Journal of
Economics, 118(3):1121-1167.

39


https://bit.ly/31oiHHv

Churchill, S. A., Smyth, R., and Farrell, L. (2020). Fuel poverty and subjective wellbeing. Energy
FEconomics, 86:104650.

Coady, D., Parry, 1., Sears, L., and Shang, B. (2017). How large are global fossil fuel subsidies?
World Development, 91:11-27.

Coady, M. D., Parry, L., Le, N.-P., and Shang, B. (2019). Global fossil fuel subsidies remain large:
An update based on country-level estimates. International Monetary Fund, Washingtnon DC,
USA.

Currie, J., Hanushek, E. A., Kahn, E. M., Neidell, M., and Rivkin, S. G. (2009a). Does pollution

increase school absences? Review of Economics and Statistics, 91(4):682-694.

Currie, J., Neidell, M., and Schmieder, J. F. (2009b). Air pollution and infant health: Lessons from
New Jersey. Journal of Health Economics, 28(3):688-703.

Currie, J., Zivin, J. G., Mullins, J., and Neidell, M. (2014). What do we know about short-and
long-term effects of early-life exposure to pollution? Annual Review of Resource FEconomics,
6(1):217-247.

Davis, L. W. (2014). The economic cost of global fuel subsidies. American Economic Review,
104(5):581-85.

Dupas, P. (2014). Short-run subsidies and long-run adoption of new health products: Evidence
from a field experiment. Econometrica, 82(1):197-228.

Durmaz, T., Pommeret, A., and Tastan, H. (2020). Estimation of residential electricity demand in

Hong Kong under electricity charge subsidies. FEnergy Economics, 88:104742.

ERC (2019). Resolution on Nighttime Tariff Discount for Ger District Households Approved.
News, Energy Regulatory Commission (ERC), Ulaanbaatar, Mongolia.  Available from:
https://bit.ly/3GmNof7 [Accessed: 21 Sep, 2021].

ERC (2020). Statistics on Energy Performance. Annual statistical bulletin, Energy Regulatory
Commission (ERC), Ulaanbaatar, Mongolia. Available from: https://bit.ly/3Hr6yBd [Accessed:
3 Feb, 2022].

Ganbat, G., Soyol-Erdene, T.-O., and Jadamba, B. (2020). Recent Improvement in Particulate Mat-
ter (PM) Pollution in Ulaanbaatar, Mongolia. Aerosol and Air Quality Research, 20(10):2280—
2288.

Giuliano, F., Lugo, M. A., Masut, A., and Puig, J. (2020). Distributional effects of reducing energy

subsidies: Evidence from recent policy reform in argentina. Energy Economics, 92:104980.

Gove, W. R. (1984). Gender differences in mental and physical illness: The effects of fixed roles
and nurturant roles. Social Science & Medicine, 19(2):77-84.

40


https://bit.ly/3GmNof7
https://bit.ly/3Hr6yBd

Graff Zivin, J. and Neidell, M. (2013). Environment, health, and human capital. Journal of
Economic Literature, 51(3):689-730.

Guttikunda, S. K., Lodoysamba, S., Bulgansaikhan, B., and Dashdondog, B. (2013). Particulate
pollution in Ulaanbaatar, Mongolia. Air Quality, Atmosphere & Health, 6(3):589-601.

Hahn, R. W. and Metcalfe, R. D. (2021). Efficiency and equity impacts of energy subsidies.
American Economic Review, 111(5):1658-88.

Haines, A., Smith, K. R., Anderson, D., Epstein, P. R., McMichael, A. J., Roberts, I., Wilkinson, P.,
Woodcock, J., and Woods, J. (2007). Policies for accelerating access to clean energy, improving

health, advancing development, and mitigating climate change. Lancet, 370(9594):1264—1281.

Hasan, S. A. and Mozumder, P. (2017). Income and energy use in Bangladesh: A household level
analysis. FEnergy Economics, 65:115-126.

Hussam, R., Rabbani, A., Reggiani, G., and Rigol, N. (2022). Rational Habit Formation: Experi-
mental Evidence from Handwashing in India. American Economic Journal: Applied Economics,
14(1):1-41.

Hussam, R., Shonchoy, A., Yamauchi, C., and Pandey, K. (2021). Translating information into
action: A public health experiment in Bangladesh. Florida International University, Department
of Economics Working Paper, 2127:1-39.

IEA (2018). Country Data and Statistics. Data and statistics, International Energy Agency (IEA).
Available from: https://bit.ly/3CT4Y8I [Accessed: 28 Sep, 2021].

IHME (2018). Global Burden of Disease Study 2017 (GBD 2017) Results. Data and statis-
tics, Institute for Health Metrics and Evaluation (IHME), Seattle, USA. Available from:
https://bit.ly/3cUDmoA [Accessed: 27 Nov, 2021].

Imelda (2020). Cooking that kills: Cleaner energy access, indoor air pollution, and health. Journal
of Development Economics, 147:102548.

IQ Air (2020). 2020 World Air Quality Report. Report, IQ Air, Goldach, Switzerland. Available
from: https://bit.ly/3hCcVqL [Accessed: 09 September, 2021].

Ito, K. (2015). Asymmetric incentives in subsidies: Evidence from a large-scale electricity rebate

program. American Economic Journal: Economic Policy, 7(3):209-37.

Janke, K., Propper, C., and Henderson, J. (2009). Do current levels of air pollution kill? The
impact of air pollution on population mortality in England. Health Economics, 18(9):1031-1055.

Jessoe, K. and Rapson, D. (2014). Knowledge is (less) power: Experimental evidence from residen-

tial energy use. American Economic Review, 104(4):1417-38.

41


https://bit.ly/3CT4Y8I
https://bit.ly/3cUDmoA
https://bit.ly/3hCcVqL

Khalid, S. A. and Salman, V. (2020). Welfare impact of electricity subsidy reforms in Pakistan: A
micro model study. Energy Policy, 137:111097.

Lay, J., Ondraczek, J., and Stoever, J. (2013). Renewables in the energy transition: Evidence on
solar home systems and lighting fuel choice in Kenya. Energy Economics, 40:350-359.

Liu, Y.-M. and Ao, C.-K. (2021). Effect of air pollution on health care expenditure: Evidence from
respiratory diseases. Health Economics, 30(4):858-875.

Liu, Z., Wang, M., Xiong, Q., and Liu, C. (2020). Does centralized residence promote the use of

cleaner cooking fuels? Evidence from rural China. Energy Economics, 91:104895.

Llorca, M., Rodriguez-Alvarez, A., and Jamasb, T. (2020). Objective vs. subjective fuel poverty
and self-assessed health. Energy Economics, 87:104736.

Markandya, A. and Wilkinson, P. (2007). Electricity generation and health. Lancet, 370(9591):979—
990.

MEEI (2020). Mongolia’s Energy Efficiency Indicators 2019. Eria research project report 2020,
no.17, Mongolia Energy Economics Institute (MEEI), Ulaanbaatar, Mongolia. Available from:
https://bit.ly/3uodk21 [Accessed: 3 Feb, 2022].

Meriggi, N. F., Bulte, E., and Mobarak, A. M. (2021). Subsidies for technology adoption: Experi-

mental evidence from rural Cameroon. Journal of Development Economics, 153:102710.

Ministry of Energy (2018). Energy Sector of Mongolia. Country report, Ministry of Energy,
Ulaanbaatar, Mongolia. Available from: https://bit.ly/3xMPmCm [Accessed: 20 Oct, 2021].

MoEGD (2015). Joint resolution No. A/434/No.A/989. Resolution, Ulaanbaatar City Governor
and the Minister for Environment and Green Development (MoEGD), Ulaanbaatar, Mongolia.
Available from: http://bit.ly/2FtCarT [Accessed: 1 Sep, 2021].

MoEGD (2017). Joint resolution No. A04/-A/19. Resolution, Ulaanbaatar City Governor and the
Minister for Environment and Green Development (MoEGD), Ulaanbaatar, Mongolia. Available
from: http://bit.ly/2FtCarT [Accessed: 1 Sep, 2021].

NAMEM (2019). Air Quality in Ulaanbaatar during the cold season (Oct—Dec, 2018 — Jan—Apr,
2019). Monthly air quality update, Mongolia National Agency for Meteorology and Environ-
mental Monitoring (NAMEM), Ulaanbaatar, Mongolia. Available from: https://bit.ly/35HV4eE
[Accessed: 6 Feb, 2022].

NCHD (2016). Health Indicators 2016. Annual report, National Center for Health Development
(NCHD), Ulaanbaatar, Mongolia. Available from: https://bit.ly/3ASWVsu [Accessed: 3 Feb,
2022).

42


https://bit.ly/3uo4k21
https://bit.ly/3xMPmCm
http://bit.ly/2FtCarT
http://bit.ly/2FtCarT
https://bit.ly/35HV4eE
https://bit.ly/3ASWVsu

NCHD (2018). Health Indicators 2018. Annual report, National Center for Health Development
(NCHD), Ulaanbaatar, Mongolia. Available from: https://bit.ly/3pwvXIlt [Accessed: 6 Dec,
2021].

Neidell, M., Uchida, S., and Veronesi, M. (2021). The unintended effects from halting nuclear
power production: Evidence from Fukushima Daiichi accident. Journal of Health FEconomics,
79:102507.

Neidell, M. J. (2004). Air pollution, health, and socio-economic status: The effect of outdoor air
quality on childhood asthma. Journal of Health Economics, 23(6):1209-1236.

Nolan, J. M., Schultz, P. W., Cialdini, R. B., Goldstein, N. J., and Griskevicius, V. (2008). Norma-
tive social influence is underdetected. Personality and Social Psychology Bulletin, 34(7):913-923.

NSO (2017). Poverty profile 2016. Report, National Statistics Office (NSO), Ulaanbaatar, Mongolia.

NSO (2018). Mongolia Household Socio-Economic Survey 2016. Report, National Statistics Office
(NSO), Ulaanbaatar, Mongolia.

NSO (2020). Mongolia Poverty Update 2018. Main report of household socio-economic sur-
vey, National Statistics Office of Mongolia (NSO), Ulaanbaatar, Mongolia. Available from:
https://bit.ly/3usqXCs [Accessed: 5s Feb, 2022].

NSO (2021). Concentration of Air Pollution, by station, by month. Mongolian statistical in-
formation service, National Statistics Office (NSO), Ulaanbaatar, Mongolia. Available from:
https://bit.ly/3rysCDp [Accessed: 19 January, 2021].

Orsoo, O., Saw, Y. M., Sereenen, E., Yadamsuren, B., Byambaa, A., Kariya, T., Yamamoto, E.,
and Hamajima, N. (2019). Epidemiological characteristics and trends of a Nationwide measles
outbreak in Mongolia, 2015-2016. BMC Public Health, 19(1):1-10.

Palma, A., Petrunyk, I., and Vuri, D. (2022). Prenatal air pollution exposure and neonatal health.
Health Economics, pages 1-31.

Plante, M. (2014). The long-run macroeconomic impacts of fuel subsidies. Journal of Development
FEconomics, 107:129-143.

PoM (2011). The Law on Air Pollution. Legislation, Parliament of Mongolia (PoM), Ulaanbaatar,
Mongolia. Available from: http://bit.ly/2FtCarT [Accessed: 1 Sep, 2021].

Ross, C. E. and Wu, C.-L. (1996). Education, age, and the cumulative advantage in health. Journal
of Health and Social Behavior, pages 104-120.

Shahbaz, M., Sarwar, S., Chen, W., and Malik, M. N. (2017). Dynamics of electricity consumption,
oil price and economic growth: Global perspective. Energy Policy, 108:256-270.

43


https://bit.ly/3pwvXlt
https://bit.ly/3usqXCs
https://bit.ly/3rysCDp
http://bit.ly/2FtCarT

Teng, M., Burke, P. J., and Liao, H. (2019). The demand for coal among China’s rural households:

Estimates of price and income elasticities. Energy Economics, 80:928-936.

Thomas, D. R., Agrawal, S., Harish, S., Mahajan, A., and Urpelainen, J. (2020). Understanding

segmentation in rural electricity markets: Evidence from India. Energy Economics, 87:104697.

Tsetseg, K. (2020). The government pays for the electricity of 729,000 consumers. News, NEWS.MN
News Agency, Ulaanbaatar, Mongolia. Available from: https://bit.ly/31BLgbj [Accessed: 6 Dec,
2021].

Unified Legal Information System (2021). Resolutions of Government Agencies. Database, Legal
Institute, Ulaanbaatar, Mongolia. Available from: https://bit.ly/332G21T [Accessed: 6 Dec,
2021].

United Nations (2021). Global Roadmap for Accelerated SDG7 Action. Summary by the un
secretary general, United Nations, New York, USA. Available from: https://bit.ly/3pxR3Qr
[Accessed: 7 Dec, 2021].

Winkleby, M. A., Jatulis, D. E., Frank, E., and Fortmann, S. P. (1992). Socioeconomic status
and health: how education, income, and occupation contribute to risk factors for cardiovascular
disease. American Journal of Public Health, 82(6):816-820.

World Bank (2019). Additional financing for Ulaanbaatar Clean Air Project. Report, World Bank,
Washington DC, USA. Available from: https://bit.ly/3tvHXWO [Accessed: 10 September, 2021].

Xie, L., Hu, X., Zhang, X., and Zhang, X.-B. (2022). Who suffers from energy poverty in household
energy transition? Evidence from clean heating program in rural China. FEnergy Fconomics,
106:105795.

44


https://bit.ly/3lBLgbj
https://bit.ly/332G21T
https://bit.ly/3pxR3Qr
https://bit.ly/3tvHXW0

APPENDIX TABLES

Table A.1: Regression results of DiD models of the probability of illness: dropped missing

illness values

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.029** 0.015 0.050* -0.018 0.029** 0.032 0.014 0.061
(0.012) (0.022) (0.026) (0.033) (0.012) (0.023)  (0.052)  (0.109)
2012 0.047***  0.073*** 0.069** 0.004 0.046***  0.108*** 0.004 0.116**
(0.013) (0.018) (0.028) (0.045) (0.013) (0.016)  (0.049)  (0.057)
2014 0.044***  0.062***  0.101*** 0.030 0.035***  0.091***  -0.046 0.053
(0.013)  (0.017)  (0.030)  (0.046)  (0.013)  (0.015)  (0.051)  (0.057)
2016 0.011 0.015 0.054** 0.027 -0.004 0.012 0.010 0.037
(0.012) (0.012) (0.026) (0.027) (0.010) (0.011)  (0.056)  (0.056)
2018 0.071***  0.080***  0.105*** 0.065** 0.053***  0.084*** 0.067 0.128**
(0.013) (0.015) (0.027) (0.032) (0.013) (0.014)  (0.052)  (0.054)
Treatment x 2012 -0.064***  -0.075***  -0.104*** -0.115*** -0.058*** -0.062*** 0.007 -0.011
(0.016)  (0.016)  (0.035)  (0.035)  (0.016)  (0.016)  (0.066)  (0.066)
Treatment x 2014 -0.058***  -0.066*** -0.117*** -0.117*** -0.051*** -0.056***  0.031 0.021
(0.016) (0.016) (0.037) (0.037) (0.016) (0.017)  (0.068)  (0.069)
Treatment x 2016 0.009 0.002 -0.003 -0.010 0.007 0.002 0.004 0.014
(0.015)  (0.015)  (0.034)  (0.034)  (0.015)  (0.014)  (0.072)  (0.072)
Treatment x 2018 -0.048***  -0.055*** -0.110*** -0.110*** -0.026 -0.030* -0.010 -0.017
(0.017) (0.017) (0.034) (0.034) (0.017) (0.017)  (0.070)  (0.070)
Individual’s age (years) 0.002***
(0.000)
Individual is female 0.018*** -0.002 0.024*** 0.025
(0.004) (0.008) (0.004) (0.019)
Individual’s education (years) -0.008*** -0.015*** 0.000 -0.001
(0.001) (0.002) (0.001) (0.004)
Household size 0.002 -0.024** 0.012*** 0.030***
(0.004) (0.011) (0.003) (0.012)
Ln(consumption) -0.070 0.251* -0.228*** -0.378***
(0.050) (0.139) (0.038) (0.126)
Lives in ger 0.004 0.028** -0.001 -0.037
(0.006) (0.013) (0.006) (0.028)
Private boiler 0.030 0.095%** 0.015 -0.077
(0.023) (0.032) (0.024) (0.115)
Electric heater -0.016 -0.098*** 0.004 0.207*
(0.023) (0.031) (0.030) (0.124)
Traditional stove 0.010 0.064*** -0.004 -0.041
(0.020) (0.024) (0.020) (0.104)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.03 0.02 0.03 0.01 0.02 0.04 0.05
N 21,579 21,579 6,114 6,114 13,882 13,882 1,583 1,583

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.2: Regression results of DiD models of the probability of having respiratory illness:
dropped missing illness values

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.020** -0.011 0.042* -0.014 0.014** -0.003 -0.020 -0.036
(0.008) (0.009) (0.025) (0.032) (0.007) (0.006)  (0.029) (0.027)
2012 0.025***  0.051*** 0.050* -0.011 0.019*** 0.012 -0.010 0.022
(0.009)  (0.012)  (0.026)  (0.042)  (0.007)  (0.009)  (0.028)  (0.030)
2014 0.041***  0.061***  0.102*** 0.034 0.022*** 0.015* -0.008 0.023
(0.010) (0.012) (0.029) (0.043) (0.008) (0.009)  (0.030) (0.031)
2016 0.016** 0.018** 0.048** 0.023 0.002 -0.000 -0.011 -0.005
(0.008) (0.008) (0.025) (0.026) (0.005) (0.005)  (0.030) (0.029)
2018 0.043***  0.0563***  0.091*** 0.053* 0.024*** 0.021** -0.016 0.001
(0.009)  (0.010)  (0.025)  (0.030)  (0.008)  (0.008)  (0.027)  (0.026)
Treatment x 2012 -0.031***  -0.035***  -0.076**  -0.087***  -0.019**  -0.020** 0.023 0.025
(0.011) (0.011) (0.032) (0.032) (0.009) (0.009)  (0.035) (0.035)
Treatment x 2014 -0.046***  -0.047***  -0.106™** -0.105*** -0.028*** -0.029***  -0.009 -0.009
(0.012)  (0.012)  (0.035)  (0.035)  (0.010)  (0.010)  (0.035) (0.035)
Treatment x 2016 0.010 0.010 0.011 0.007 0.005 0.004 0.037 0.040
(0.012) (0.011) (0.032) (0.032) (0.008) (0.008)  (0.038) (0.038)
Treatment x 2018 -0.039***  -0.041***  -0.093*** -0.092***  -0.024**  -0.025** 0.018 0.019
(0.012) (0.012) (0.032) (0.032) (0.010) (0.010)  (0.034) (0.034)
Individual’s age (years) -0.001***
(0.000)
Individual is female 0.005* 0.001 0.008*** 0.008
(0.003) (0.008) (0.002) (0.009)
Individual’s education (years) -0.004*** -0.015*** -0.001 0.003
(0.001) (0.002) (0.001) (0.002)
Household size 0.004* -0.022** -0.003 0.008
(0.003) (0.011) (0.002) (0.005)
Ln(consumption) -0.089*** 0.237* 0.028 -0.124**
(0.033) (0.131) (0.022) (0.061)
Lives in ger 0.003 0.024** 0.001 -0.010
(0.005) (0.012) (0.004) (0.013)
Private boiler 0.031*** 0.066** 0.026*** -0.016
(0.011) (0.031) (0.009) (0.013)
Electric heater -0.021 -0.080*** -0.001 0.070
(0.017) (0.027) (0.022) (0.064)
Traditional stove 0.022%** 0.054** 0.017*** 0.024**
(0.006) (0.024) (0.003) (0.012)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.04 0.02 0.03 0.01 0.01 0.01 0.01
N 21,579 21,579 6,114 6,114 13,882 13,882 1,583 1,583

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.3: Regression results of DiD models of the probability of illness: probit model

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.034** 0.018 0.062* -0.074 0.034** 0.036 0.017 0.054
(0.014)  (0.028)  (0.033)  (0.081)  (0.013)  (0.025) (0.053)  (0.121)
2012 0.047***  0.079*** 0.076** 0.016 0.044***  0.098*** 0.010 0.129**
(0.013) (0.017) (0.033) (0.047) (0.013) (0.016)  (0.051)  (0.059)
2014 0.047***  0.075***  0.108*** 0.041 0.038***  0.088***  -0.050 0.060
(0.014)  (0.017)  (0.032)  (0.046)  (0.014)  (0.016)  (0.059)  (0.064)
2016 0.016 0.026* 0.066** 0.040 -0.002 0.012 0.015 0.044
(0.014) (0.014) (0.032) (0.032) (0.014) (0.014)  (0.057)  (0.056)
2018 0.070***  0.085***  0.111*** 0.072** 0.053***  0.079*** 0.069 0.134***
(0.013) (0.014) (0.030) (0.034) (0.013) (0.013)  (0.049)  (0.051)
Treatment x 2012 -0.066***  -0.075***  -0.115*** -0.126™* -0.057*** -0.057***  -0.001 -0.017
(0.017)  (0.016)  (0.040)  (0.039)  (0.016)  (0.016)  (0.068)  (0.068)
Treatment x 2014 -0.062***  -0.072***  -0.124***  -0.123"**  -0.054*** -0.057*** 0.035 0.019
(0.017) (0.017) (0.040) (0.039) (0.017) (0.017)  (0.075)  (0.075)
Treatment x 2016 0.002 -0.008 -0.021 -0.028 0.005 0.000 -0.002 0.003
(0.017) (0.016) (0.038) (0.037) (0.017) (0.017)  (0.073)  (0.072)
Treatment x 2018 -0.049***  -0.056*** -0.114*** -0.114*** -0.030* -0.032** -0.014 -0.020
(0.016)  (0.016)  (0.037)  (0.037)  (0.016)  (0.016)  (0.067)  (0.066)
Individual’s age (years) 0.001***
(0.000)
Individual is female 0.017*** -0.001 0.021*** 0.030
(0.004) (0.008) (0.004) (0.019)
Individual’s education (years) -0.005*** -0.016*** 0.003*** 0.001
(0.001) (0.003) (0.001) (0.004)
Household size 0.004 -0.022** 0.012*** 0.033***
(0.003) (0.011) (0.003) (0.012)
Ln(consumption) -0.104** 0.226* -0.213*** -0.406***
(0.042) (0.135) (0.036) (0.128)
Lives in ger 0.004 0.027** 0.001 -0.035
(0.006) (0.012) (0.006) (0.029)
Private boiler 0.034 0.158** 0.015 -0.070
(0.028) (0.078) (0.024) (0.125)
Electric heater -0.015 -0.130** -0.000 0.153
(0.022) (0.055) (0.023) (0.097)
Traditional stove 0.018 0.133* -0.000 -0.028
(0.026) (0.076) (0.022) (0.114)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Pseudo-R? 0.02 0.05 0.03 0.04 0.02 0.03 0.04 0.05
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.4: Regression results of DiD models of the probability of having respiratory illness:
probit model

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.026** -0.039 0.053* -0.053 0.019**  -0.121*** -0.017 -0.191***
(0.011) (0.026) (0.032) (0.073) (0.009) (0.012)  (0.023)  (0.034)
2012 0.029***  0.050*** 0.058* 0.005 0.021*** 0.013 -0.007 0.015
(0.011)  (0.012)  (0.032)  (0.044)  (0.008)  (0.009) (0.021)  (0.017)
2014 0.044***  0.060***  0.107*** 0.046 0.024*** 0.016* -0.005 0.017
(0.010) (0.011) (0.031) (0.043) (0.008) (0.009)  (0.022)  (0.017)
2016 0.023** 0.022** 0.061** 0.037 0.005 0.003 -0.008 -0.001
(0.010) (0.009) (0.031) (0.031) (0.009) (0.008)  (0.022)  (0.015)
2018 0.046***  0.050***  0.098*** 0.062* 0.026*** 0.020** -0.011 0.003
(0.010)  (0.009)  (0.030)  (0.033)  (0.008)  (0.008)  (0.020) (0.014)
Treatment x 2012 -0.036™**  -0.032***  -0.088**  -0.098***  -0.022**  -0.021** 0.018 0.016
(0.013) (0.011) (0.039) (0.038) (0.010) (0.009)  (0.029)  (0.020)
Treatment x 2014 -0.049***  -0.043*** -0.110*** -0.107*** -0.030*** -0.028"**  -0.025 -0.020
(0.013)  (0.011)  (0.038)  (0.037)  (0.011)  (0.010)  (0.033)  (0.022)
Treatment x 2016 -0.001 -0.000 -0.009 -0.014 0.000 -0.001 0.029 0.023
(0.013) (0.011) (0.037) (0.036) (0.011) (0.010)  (0.030)  (0.021)
Treatment x 2018 -0.041***  -0.036***  -0.099***  -0.096***  -0.025**  -0.024** 0.012 0.010
(0.013) (0.011) (0.036) (0.035) (0.010) (0.010)  (0.029)  (0.020)
Individual’s age (years) -0.001***
(0.000)
Individual is female 0.005* 0.002 0.007*** 0.007
(0.002) (0.007) (0.002) (0.006)
Individual’s education (years) -0.002*** -0.018*** 0.000 0.002*
(0.001) (0.003) (0.000) (0.001)
Household size 0.005** -0.018* -0.002 0.005
(0.002) (0.010) (0.001) (0.004)
Ln(consumption) -0.101%** 0.196 0.025 -0.081**
(0.031) (0.126) (0.019) (0.037)
Lives in ger 0.003 0.023** 0.001 -0.008
(0.004) (0.012) (0.003) (0.009)
Private boiler 0.063** 0.112 0.145%** -0.013
(0.026) (0.070) (0.012) (0.012)
Electric heater -0.019 -0.121** -0.002 0.213***
(0.019) (0.054) (0.014) (0.041)
Traditional stove 0.059** 0.104 0.139*** 0.184***
(0.025) (0.067) (0.011) (0.031)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Pseudo-R? 0.02 0.10 0.03 0.05 0.03 0.03 0.02 0.05
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.5: Regression results of DiD models of the probability of illness: logit model

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.035** 0.015 0.061* -0.084 0.034** 0.037 0.018 0.058
(0.014)  (0.030)  (0.034)  (0.098)  (0.014)  (0.025)  (0.053)  (0.118)
2012 0.047***  0.074*** 0.075** 0.012 0.044***  0.094*** 0.009 0.125**
(0.014) (0.016) (0.034) (0.046) (0.013) (0.015)  (0.051)  (0.058)
2014 0.048***  0.073***  0.106*** 0.038 0.039***  0.085***  -0.050 0.055
(0.014)  (0.016)  (0.033)  (0.045)  (0.014)  (0.015)  (0.061)  (0.065)
2016 0.017 0.026* 0.066** 0.039 -0.002 0.012 0.014 0.042
(0.014) (0.014) (0.033) (0.033) (0.015) (0.015)  (0.057)  (0.055)
2018 0.068***  0.081***  0.107*** 0.067* 0.052***  0.075*** 0.066 0.129***
(0.013) (0.013) (0.032) (0.034) (0.013) (0.013)  (0.048)  (0.050)
Treatment x 2012 -0.065***  -0.069*** -0.112*** -0.118*** -0.056*** -0.055***  0.002 -0.011
(0.017)  (0.016)  (0.041)  (0.039)  (0.016)  (0.016)  (0.067)  (0.067)
Treatment x 2014 -0.063***  -0.068***  -0.122***  -0.117*** -0.056™** -0.056*** 0.033 0.025
(0.017) (0.016) (0.040) (0.039) (0.017) (0.017)  (0.077)  (0.077)
Treatment x 2016 0.001 -0.008 -0.021 -0.026 0.004 0.001 0.000 0.011
(0.017) (0.016) (0.039) (0.037) (0.018) (0.017)  (0.073)  (0.072)
Treatment x 2018 -0.047***  -0.052***  -0.111***  -0.106*** -0.030* -0.031** -0.013 -0.015
(0.016)  (0.015)  (0.038)  (0.037)  (0.016)  (0.016)  (0.066)  (0.065)
Individual’s age (years) 0.001***
(0.000)
Individual is female 0.015*** -0.001 0.021*** 0.027
(0.004) (0.008) (0.004) (0.019)
Individual’s education (years) -0.005*** -0.017** 0.003*** 0.001
(0.001) (0.003) (0.001) (0.003)
Household size 0.004 -0.022** 0.011*** 0.033***
(0.003) (0.010) (0.003) (0.012)
Ln(consumption) -0.104*** 0.223* -0.202*** -0.407***
(0.039) (0.128) (0.035) (0.128)
Lives in ger 0.004 0.026** 0.001 -0.034
(0.006) (0.012) (0.006) (0.029)
Private boiler 0.034 0.165* 0.012 -0.075
(0.029) (0.095) (0.023) (0.122)
Electric heater -0.014 -0.136** 0.002 0.147*
(0.021) (0.061) (0.021) (0.088)
Traditional stove 0.019 0.139 -0.001 -0.035
(0.027) (0.093) (0.022) (0.111)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Pseudo-R? 0.02 0.05 0.03 0.05 0.02 0.03 0.04 0.05
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.6: Regression results of DiD models of the probability of having respiratory illness:
logit model

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.027** -0.038 0.053 -0.059 0.019**  -0.204***  -0.016  -0.224***
(0.012) (0.030) (0.034) (0.085) (0.009) (0.034)  (0.023)  (0.014)
2012 0.029***  0.044*** 0.058* 0.000 0.021** 0.012 -0.006 0.011
(0.011) (0.011) (0.034) (0.043) (0.008) (0.009)  (0.020)  (0.012)
2014 0.044***  0.054***  0.104*** 0.040 0.024*** 0.015* -0.005 0.012
(0.011) (0.010) (0.032) (0.042) (0.009) (0.009)  (0.021)  (0.012)
2016 0.024** 0.020** 0.061* 0.035 0.006 0.003 -0.008 -0.001
(0.011) (0.008) (0.033) (0.031) (0.010) (0.008)  (0.022)  (0.012)
2018 0.045***  0.044***  0.095*** 0.056* 0.025*** 0.018**  -0.012 0.001
(0.010) (0.008) (0.031) (0.033) (0.008) (0.008)  (0.020)  (0.011)
Treatment x 2012 -0.035***  -0.028***  -0.087**  -0.090**  -0.021**  -0.019** 0.018 0.012
(0.014) (0.011) (0.041) (0.039) (0.010) (0.009)  (0.028)  (0.015)
Treatment x 2014 -0.049***  -0.038***  -0.108*** -0.100*** -0.030*** -0.027***  -0.027 -0.015
(0.013) (0.010) (0.039) (0.037) (0.011) (0.010)  (0.034)  (0.018)
Treatment x 2016 -0.002 -0.000 -0.010 -0.012 -0.001 -0.001 0.028 0.017
(0.013) (0.010) (0.038) (0.036) (0.011) (0.010)  (0.029)  (0.016)
Treatment x 2018 -0.040***  -0.032***  -0.096**  -0.089**  -0.025**  -0.022** 0.013 0.008
(0.013) (0.010) (0.038) (0.036) (0.010) (0.010)  (0.029)  (0.015)
Individual’s age (years) -0.001***
(0.000)
Individual is female 0.003 0.001 0.006*** 0.005
(0.002) (0.007) (0.002) (0.005)
Individual’s education (years) -0.001** -0.018*** -0.000 0.001*
(0.001) (0.003) (0.000) (0.001)
Household size 0.005** -0.019** -0.002 0.004
(0.002) (0.009) (0.001) (0.003)
Ln(consumption) -0.092%** 0.201* 0.023 -0.061**
(0.028) (0.117) (0.017) (0.026)
Lives in ger 0.003 0.022* 0.001 -0.005
(0.003) (0.011) (0.003) (0.007)
Private boiler 0.059** 0.116 0.227*** -0.008
(0.029) (0.081) (0.039) (0.012)
Electric heater -0.019 -0.126** -0.000 0.236***
(0.018) (0.062) (0.012) (0.012)
Traditional stove 0.055* 0.106 0.221%** 0.219
(0.029) (0.080) (0.037) (0.000)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Pseudo-R? 0.02 0.10 0.03 0.05 0.03 0.03 0.03 0.05
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources

in residence.
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Table A.7: Regression results of DiD models of the probability of illness: categorical education

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.030*** 0.018 0.050* -0.021 0.030*** 0.031 0.018 0.083
(0.012) (0.022) (0.026) (0.033) (0.011) (0.022)  (0.052)  (0.107)
2012 0.043***  0.070***  0.064** 0.002 0.041***  0.096***  0.008 0.129**
(0.012)  (0.017)  (0.028)  (0.045)  (0.012)  (0.015)  (0.048)  (0.060
2014 0.044***  0.073***  0.102*** 0.033 0.035***  0.088***  -0.042 0.064
(0.013) (0.017) (0.030) (0.045) (0.013) (0.015) 0.051)  (0.057
2016 0.011 0.020* 0.054** 0.028 -0.003 0.013 0.013 0.043
(0.011) (0.012) (0.026) (0.027) (0.010) (0.010)  (0.055)  (0.056
2018 0.071***  0.086***  0.105**  0.066**  0.053***  0.085***  0.069 0.137**
(0.013)  (0.014)  (0.027)  (0.032)  (0.013)  (0.014)  (0.051)  (0.054
Treatment x 2012 -0.060***  -0.062***  -0.098***  -0.108*** -0.053*** -0.055"**  0.002 -0.021
(0.015) (0.015) (0.034) (0.034) (0.015) (0.015)  (0.066) 0.068)
Treatment x 2014 -0.058***  -0.065*** -0.117** -0.116*** -0.050*** -0.054***  0.026 0.009
(0.016) (0.016) (0.037) (0.037) (0.016) (0.016)  (0.067)  (0.069)
Treatment x 2016 0.008 -0.001 -0.003 -0.008 0.005 0.000 0.002 0.009
(0.015) (0.015) (0.034) (0.034) (0.014) (0.014)  (0.072)  (0.072)
Treatment x 2018 -0.048***  -0.054***  -0.109***  -0.108*** -0.026 -0.032* -0.013 -0.027
(0.016) (0.017) (0.034) (0.034) (0.017) (0.017)  (0.069) 0.070)
Individual’s age (years) 0.002***
(0.000)
Individual is female 0.017*** -0.002 0.023*** 0.025
(0.004) (0.008) (0.004) (0.019)
Primary school -0.053*** -0.083*** 0.091*** 0.193***
(0.009) (0.012) (0.018) (0.067)
Secondary school -0.068*** -0.080*** 0.079*** 0.160**
(0.012) (0.029) (0.011) (0.067)
High school -0.081*** -0.156*** 0.081*** 0.153**
(0.012) (0.030) (0.010) (0.064)
Vocational degree -0.081%** -0.209*** 0.091*** 0.162**
(0.014) (0.035) (0.011) (0.066)
Bachelor -0.099*** 0.000 0.070*** 0.139%
(0.015) (0.000) (0.012) (0.074)
Master -0.074*** 0.000 0.098*** 0.092
(0.019) (0.000) (0.016) (0.091)
PhD -0.058* -0.288*** 0.130*** 0.182*
(0.034) (0.053) (0.035) (0.104)
Household size 0.005 -0.023** 0.012*** 0.030***
(0.004) (0.011) (0.003) (0.011)
Ln(consumption) -0.119** 0.235* -0.216*** -0.379***
(0.049) (0.137) (0.038) (0.125)
Lives in ger 0.004 0.027** -0.001 -0.040
(0.006) (0.012) (0.006) (0.028)
Private boiler 0.030 0.096** 0.015 -0.093
(0.023) (0.032) (0.023) (0.112)
Electric heater -0.017 -0.096*** 0.005 0.186
(0.023) (0.031) (0.030) (0.118)
Traditional stove 0.014 0.067** -0.003 -0.055
(0.020) (0.024) 0.020) (0.103)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.03 0.02 0.03 0.01 0.02 0.04 0.06
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources
in residence.
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Table A.8: Regression results of DiD models of the probability of having respiratory illness:
categorical education

All age Children Working age adults Older adults
groups combined (under 14 years) (15-60 years) (over 60 years)
Variable name (1) (2) (3) (4) (5) (6) (7) (8)
Treatment 0.020** -0.008 0.042* -0.015 0.014** -0.003 -0.019 -0.027
(0.008) (0.009) (0.024) (0.032) (0.007) (0.006)  (0.029) 0.027)
2012 0.023***  (0.043*** 0.046* -0.014 0.017*** 0.010 -0.009 0.035
(0.008) (0.012) (0.025) (0.041) (0.006) (0.009)  (0.028)  (0.031)
2014 0.040***  0.061***  0.102*** 0.036 0.021*** 0.016* -0.007 0.027
(0.010) (0.012) (0.029) (0.043) (0.008) (0.009)  (0.029) (0.031)
2016 0.016** 0.018** 0.048** 0.023 0.002 0.000 -0.011 0.001
(0.008) (0.008) (0.024) (0.025) (0.005) (0.005)  (0.029)  (0.029)
2018 0.043***  0.052***  0.091*** 0.054* 0.024**  0.021***  -0.015 0.005
(0.009) (0.010) (0.025) (0.029) (0.008) (0.008)  (0.026)  (0.026)
Treatment x 2012 -0.029***  -0.027**  -0.072**  -0.082***  -0.018** -0.017* 0.022 0.014
(0.011) (0.011) (0.032) (0.032) (0.009) (0.009)  (0.035)  (0.035)
Treatment x 2014 -0.045***  -0.045***  -0.106*** -0.104*** -0.027*** -0.028** -0.011 -0.015
(0.012) (0.012) (0.035) (0.035) (0.010) (0.010)  (0.035)  (0.035)
Treatment x 2016 0.009 0.009 0.012 0.008 0.005 0.004 0.036 0.033
(0.011) (0.011) (0.032) (0.032) (0.008) (0.008)  (0.037)  (0.038)
Treatment x 2018 -0.038***  -0.039***  -0.093*** -0.091***  -0.024**  -0.024** 0.017 0.015
(0.012) (0.012) (0.032) (0.032) (0.010) (0.010)  (0.033)  (0.033)
Individual’s age (years) -0.001***
(0.000)
Individual is female 0.004 0.001 0.008*** 0.009
(0.003) (0.008) (0.002) (0.009)
Primary school -0.047** -0.077** 0.031*** 0.049***
(0.007) (0.011) (0.011) (0.017)
Secondary school -0.055%** -0.118*** 0.019*** 0.056***
(0.007) (0.019) (0.006) (0.017)
High school -0.053*** -0.128*** 0.015*** 0.058***
(0.008) (0.028) (0.005) (0.018)
Vocational degree -0.047*** -0.175%** 0.011** 0.081***
(0.009) (0.034) (0.005) (0.020)
Bachelor -0.053*** 0.000 0.012* 0.055**
(0.010) (0.000) (0.007) (0.024)
Master -0.040*** 0.000 0.016* 0.038
(0.012) (0.000) (0.010) (0.023)
PhD -0.003 -0.251%** 0.044* 0.109*
(0.025) (0.049) (0.026) (0.065)
Household size 0.005** -0.021** -0.002 0.008
(0.002) (0.010) (0.002) 0.005
Ln(consumption) -0.100*** 0.230* 0.021 -0.122**
(0.032) (0.130) (0.022) (0.061)
Lives in ger 0.004 0.023* 0.000 -0.011
(0.005) (0.012) (0.004) (0.013)
Private boiler 0.031*** 0.065** 0.025*** -0.021
(0.011) (0.031) (0.008) (0.015)
Electric heater -0.022 -0.079*** -0.001 0.066
(0.017) (0.027) (0.021) (0.063)
Traditional stove 0.025*** 0.054** 0.017*** 0.019
(0.007) (0.024) (0.003) (0.014)
District fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted-R? 0.01 0.04 0.02 0.03 0.01 0.01 0.01 0.02
N 21,985 21,985 6,160 6,160 14,233 14,233 1,592 1,592

Notes: Standard errors, clustered at the household level, are presented in the parentheses. * p <0.10, ** p <0.05, *** p <0.01.
The reference group is individuals living in house, male and using regular heater for residential heating; the reference year
is 2010. Columns 1,3,5 and 7 run the basic difference-in-differences model with district, month, and survey year fixed effects.
Columns 2,4,6 and 8 add individual-specific controls to the specification, including the type of the residence and heating sources
in residence.
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Table A.9: Regression results of DiD models of the probability of
having overall and respiratory illness: age in quadratic form

Overall illness Respiratory illness
Variable name (1) (2) (3) (4)
Treatment 0.030*** 0.016 0.020** -0.011
(0.012) (0.022) (0.008) (0.009)
2012 0.043*** 0.040** 0.023*** 0.024**
(0.012) (0.017) (0.008) (0.012)
2014 0.044*** 0.038** 0.040***  0.039***
(0.013) (0.017) (0.010) (0.012)
2016 0.011 0.011 0.016** 0.014*
(0.011) (0.012) (0.008) (0.008)
2018 0.071***  0.067***  0.043***  0.043***
(0.013) (0.014) (0.009) (0.010)
Treatment x 2012 -0.060***  -0.068***  -0.029***  -0.033***
(0.015) (0.015) (0.011) (0.011)
Treatment x 2014 -0.058***  -0.067***  -0.045***  -0.048***
(0.016) (0.016) (0.012) (0.012)
Treatment x 2016 0.008 -0.001 0.009 0.008
(0.015) (0.015) (0.011) (0.011)
Treatment x 2018 -0.048***  -0.055***  -0.038***  -0.042***
(0.016) (0.016) (0.012) (0.012)
Individual’s age (age?) 0.000*** -0.000
(0.000) (0.000)
Individual is female 0.018*** 0.006**
(0.004) (0.003)
Individual’s education (years) -0.007*** -0.006**
(0.001) (0.001)
Household size -0.005 -0.002
(0.004) (0.002)
Ln(consumption) 0.030 0.000
(0.048) (0.032)
Lives in ger 0.005 0.004
(0.006) (0.005)
Private boiler 0.032 0.033***
(0.023) (0.011)
Electric heater -0.016 -0.020
(0.023) (0.017)
Traditional stove 0.015 0.024***
(0.019) (0.006)
District fixed effects Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes
Adjusted-R? 0.01 0.03 0.01 0.04
N 21,985 21,985 21,985 21,985

Notes: Standard errors, clustered at the household level, are presented in the parenthe-
ses. * p <0.10, ** p <0.05, *** p <0.01. The reference group is individuals living in
house, male and using regular heater for residential heating; the reference year is 2010.
Columns 1 and 3 run the basic difference-in-differences model with district, month, and
survey year fixed effects. Columns 2 and 4 add individual-specific controls to the speci-
fication, including the type of the residence and heating sources in residence.
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Table A.10: Regression results of DiD models of the impact of subsidy on the level value
of household monthly electricity expenditures

Winter months

Non-winter months

Variable (1) (2) (3) (4) (5) (6)
Treatment -3.615** -1.841* -3.503***  -1.789** -0.541 3.965*
(0.984)  (0.848)  (0.709)  (0.510)  (0.556)  (1.641)
2012 -0.309 -1.758** -1.372* -0.192 -1.576* -1.216
(0.776) (0.548) (0.566) (0.622) (0.673) (0.632)
2014 -1.981*%**  -3.705***  -3.186™**  -2.482***  _-3.914***  -3.465™**
(0.313) (0.437) (0.326) (0.195) (0.436) (0.329)
2016 0.517 -0.680 -0.297 -0.401 -1.549** -1.281*
(0.603)  (0.420)  (0.398)  (0.619)  (0.534)  (0.563)
2018 -0.824 -2.358**  _1.976*** -1.499**  -2.748***  -2.452***
(0.415)  (0.322)  (0.213)  (0.473)  (0.126)  (0.136)
Treatment x 2012 1.947* 2.922** 2.151** 0.999 2.036* 1.349
(0.945) (0.949) (0.779) (1.012) (0.938) (1.200)
Treatment x 2014 3.091** 4.191%** 2.207* 2.148** 3.118** 2.054**
(1.037)  (1.037)  (0.993)  (0.767)  (0.818)  (0.710)
Treatment x 2016 2.331** 2.720** 1.526 1.602*** 2.502%** 1.933***
(0.853) (0.823) (0.864) (0.277) (0.257) (0.342)
Treatment x 2018 4.013*** 4.646*** 2.666*** 4.383*** 5.019*** 3.048***
(0.799) (0.868) (0.600) (0.573) (0.447) (0.434)
Household head’s age (years) 0.044**  0.049*** 0.030***  0.037***
(0.011)  (0.011) (0.004)  (0.005)
Household head is female -0.402 -0.437* -0.063 -0.122
(0.272)  (0.204) (0.129)  (0.169)
Household head’s education (years) 0.268"**  0.175*** 0.190***  0.145***
(0.024) (0.026) (0.015) (0.022)
Household head is married 0.893*** 0.845** 1.107*** 0.627**
(0.163)  (0.253) (0.173)  (0.194)
Share of working members 0.794** 0.592** 0.176 0.152
(0.293) (0.204) (0.483) (0.490)
Household size 0.727***  0.809*** 0.710***  0.803***
(0.110) (0.093) (0.121) (0.106)
Ln(income) 1.144***  0.901*** 1.133***  (0.895***
(0.234)  (0.182) (0.233)  (0.174)
Lives in ger -3.982%** 2. 387*** S3.67T7 -2.076%*
(0.353) (0.191) (0.328) (0.066)
Private boiler 3.467*** -2.491*
(0.774) (1.005)
Electric heater 48.831*** 34.538***
(5.045) (5.088)
Traditional stove 0.843 -5.794***
(0.519) (1.416)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.01 0.10 0.40 0.02 0.10 0.38
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p <0.05,
*** p <0.01. The reference group is households living in house, have male & unmarried household head and using regular
heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-in-differences model
with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific controls to the specification,
including the type of residence. The preferred model results in Columns 3 and 6 further add heating sources in the

residence to the specification.
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Table A.11: Regression results of DiD models of the impact of subsidy on household
monthly per capita electricity expenditures

Winter months Non-winter months

Variable (1) (2) (3) (4) (5) (6)
Treatment -0.422***  -0.267** -0.331**  -0.326%** -0.212*** -0.093

(0.061) (0.086) (0.100) (0.019) (0.028) (0.080)
2012 -0.006 -0.228** -0.217** 0.008 -0.219***  -0.206***

(0.053) (0.073) (0.070) (0.048) (0.046) (0.045)
2014 -0.045 -0.309***  -0.293***  -0.073**  -0.332*** -0.316***

(0.042) (0.056) (0.053) (0.022) (0.051) (0.048)
2016 0.118** -0.110* -0.098 0.090** -0.149** -0.139**

(0.031)  (0.054)  (0.050)  (0.030)  (0.046)  (0.045)
2018 0.036  -0.234**  -0.222°*  -0.042**  -0.278*"*  -0.266***
(0.034)  (0.062)  (0.059)  (0.012)  (0.044)  (0.042)
0.131 0237  0.217* 0129  0.232**  0.208*
(

0.080)  (0.098)  (0.092)  (0.073)  (0.067)  (0.078)

Treatment x 2012

Treatment x 2014 0.214** 0.278** 0.221** 0.155***  0.250***  0.214***
(0.064) (0.074) (0.073) (0.019) (0.047) (0.046)
Treatment x 2016 0.183** 0.219** 0.187* 0.164*** 0.233*** 0.213***
(0.053) (0.083) (0.082) (0.023) (0.033) (0.035)
Treatment x 2018 0.229*** 0.300** 0.244** 0.281***  0.348***  (.284***
(0.039) (0.080) (0.073) (0.034) (0.053) (0.057)
Household head’s age (years) 0.006***  0.006*** 0.005***  0.006***
(0.001) (0.001) (0.000) (0.000)
Household head is female 0.009 0.008 -0.004 -0.005
(0.029) (0.034) (0.027) (0.028)
Household head’s education (years) 0.011***  0.009** 0.012***  0.010***
(0.002) (0.002) (0.001) (0.002)
Household head is married -0.196***  -0.197*** -0.221***  -0.235***
(0.023) (0.027) (0.029) (0.031)
Share of working members 0.207***  0.201*** 0.152***  (0.152***
(0.020) (0.021) (0.037) (0.036)
Lun(income) 0.185***  0.177*** 0.184***  0.174***
(0.013) (0.013) (0.024) (0.022)
Lives in ger -0.195***  -0.153*** -0.164***  -0.114***
(0.015) (0.012) (0.012) (0.007)
Private boiler 0.070 -0.043
(0.071) (0.062)
Electric heater 1.480*** 1.069***
(0.115) (0.120)
Traditional stove 0.043 -0.158*
(0.054) (0.073)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.06 0.21 0.27 0.05 0.20 0.26
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, ¥** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6
further add heating sources in the residence to the specification.
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Table A.12: Regression results of DiD models of the impact of subsidy on household
monthly electricity expenditures: OECD equivalence scale adjusted

Winter months Non-winter months
Variable (1) (2) (3) (4) (5) (6)
Treatment -0.368***  -0.240**  -0.340**  -0.265*** -0.161*** -0.029
(0.058) (0.066) (0.088) (0.015) (0.023) (0.062)
2012 -0.014 -0.124** -0.111** 0.000 -0.107** -0.094*
(0.036) (0.046) (0.043) (0.042) (0.040) (0.040)
2014 -0.063 -0.200***  -0.183***  -0.091*** -0.214*** -0.199***
(0.036) (0.038) (0.035) (0.016) (0.032) (0.029)
2016 0.108*** 0.003 0.015 0.072 -0.030 -0.020
(0.027) (0.026) (0.023) (0.036) (0.037) (0.037)
2018 0.021 -0.104** -0.091** -0.033**  -0.133***  -0.121***
(0.023) (0.030) (0.027) (0.011) (0.021) (0.019)
Treatment x 2012 0.133* 0.201** 0.178** 0.122 0.183** 0.159*
(0.056) (0.068) (0.062) (0.067) (0.063) (0.073)
Treatment x 2014 0.199** 0.250*** 0.191** 0.141***  0.196***  0.160***
(0.055) (0.058) (0.056) (0.024) (0.038) (0.038)
Treatment x 2016 0.175** 0.198** 0.163* 0.148***  0.188™**  0.166***
(0.056) (0.065) (0.066) (0.022) (0.024) (0.025)
Treatment x 2018 0.240***  0.278***  0.219***  0.262***  0.292***  (0.229***
(0.032) (0.051) (0.044) (0.025) (0.036) (0.041)
Household head’s age (years) 0.003** 0.003** 0.002***  0.002***
(0.001) (0.001) (0.000) (0.000)
Household head is female 0.020 0.019 0.008 0.007
(0.022) (0.026) (0.020) (0.021)
Household head’s education (years) 0.014***  0.012*** 0.014***  0.012***
(0.002) (0.002) (0.002) (0.002)
Household head is married -0.065** -0.065* -0.084***  -0.098***
(0.020) (0.026) (0.019) (0.022)
Share of working members 0.115***  0.107*** 0.077* 0.075*
(0.012) (0.013) (0.034) (0.034)
Lun(income) 0.083***  0.074*** 0.075***  0.066***
(0.012) (0.012) (0.016) (0.015)
Lives in ger -0.211%**  -0.166*** -0.183***  -0.131***
(0.014)  (0.011) (0.012)  (0.007)
Private boiler 0.138 -0.038
(0.070) (0.049)
Electric heater 1.520%** 1.042%**
(0.111) (0.108)
Traditional stove 0.079 -0.171%*
(0.057) (0.061)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.06 0.13 0.21 0.05 0.12 0.21
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, ¥** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6
further add heating sources in the residence to the specification.
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Table A.13: Regression results of DiD models of the impact of subsidy on household
monthly electricity expenditures: square root of family size scale adjusted

Winter months Non-winter months
Variable (1) (2) (3) (4) (5) (6)
Treatment -0.359***  -0.228**  -0.330**  -0.252*** -0.142*** -0.013
(0.060) (0.064) (0.084) (0.016) (0.023) (0.047)
2012 -0.026 -0.105** -0.094* -0.013 -0.091* -0.078*
(0.032) (0.039) (0.037) (0.040) (0.038) (0.038)
2014 -0.089**  -0.189*** -0.174*** -0.117*** -0.207*** -0.192***
(0.033) (0.034) (0.033) (0.013) (0.028) (0.025)
2016 0.081** 0.014 0.026 0.042 -0.025 -0.016
(0.026) (0.022) (0.020) (0.039) (0.036) (0.036)
2018 -0.002 -0.093***  -0.081***  -0.058**  -0.123*** _-0.112***
(0.018) (0.021) (0.018) (0.017) (0.014) (0.012)
Treatment x 2012 0.144** 0.199** 0.175** 0.123 0.172** 0.148*
(0.047) (0.058) (0.052) (0.066) (0.063) (0.073)
Treatment x 2014 0.202** 0.242%** 0.182** 0.146***  0.188*** 0.151**
(0.060) (0.059) (0.057) (0.025) (0.037) (0.039)
Treatment x 2016 0.185** 0.195** 0.158* 0.148***  0.176™**  0.154***
(0.059) (0.064) (0.066) (0.024) (0.024) (0.024)
Treatment x 2018 0.245***  0.273***  0.213***  0.268***  0.285***  (0.221***
(0.038) (0.049) (0.041) (0.023) (0.031) (0.035)
Household head’s age (years) 0.005***  0.005*** 0.004***  0.004***
(0.001) (0.001) (0.000) (0.000)
Household head is female -0.006 -0.007 -0.009 -0.010
(0.018) (0.023) (0.018) (0.019)
Household head’s education (years) 0.014***  0.011*** 0.014***  0.012***
(0.001) (0.002) (0.001) (0.001)
Household head is married -0.032 -0.032 -0.042* -0.055**
(0.020) (0.025) (0.018) (0.020)
Share of working members 0.137***  0.129*** 0.108** 0.105**
(0.014) (0.014) (0.032) (0.032)
Ln(income) 0.059***  0.052*** 0.050** 0.042**
(0.011) (0.011) (0.013) (0.012)
Lives in ger -0.222***  .0.176*** -0.195***  -0.142***
(0.012) (0.009) (0.013) (0.007)
Private boiler 0.157* -0.028
(0.072) (0.037)
Electric heater 1.507*** 1.037***
(0.110) (0.098)
Traditional stove 0.080 -0.170**
(0.059) (0.048)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.06 0.13 0.23 0.05 0.12 0.22
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, ¥** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6
further add heating sources in the residence to the specification.
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Table A.14: Regression results of DiD models of the impact of subsidy on household
monthly electricity expenditures: with categorical education

Winter months Non-winter months
Variable (1) (2) (3) (4) (5) (6)
Treatment -0.296**  -0.208**  -0.338**  -0.177***  -0.112*** 0.002
(0.075) (0.069) (0.100) (0.024) (0.023) (0.042)
2012 -0.045 -0.119**  -0.105** -0.034 -0.113**  -0.101**
(0.038) (0.031) (0.031) (0.033) (0.033) (0.032)
2014 -0.133***  -0.219***  -0.200***  -0.161*** -0.242*** -0.227***
(0.032) (0.028 (0.028) (0.006) (0.020) (0.016)
2016 0.043 -0.02 -0.013 -0.006 -0.077 -0.068
(0.040) (0.021) (0.021) (0.052) (0.039) (0.040)
2018 -0.040 -0.126***  -0.113*** -0.073 -0.153***  -0.143***
(0.030) (0.015) (0.013) (0.037) (0.018) (0.018)
Treatment x 2012 0.156*** 0.204*** 0.179*** 0.116 0.175** 0.151*
(0.034) (0.044) (0.038) (0.060) (0.057) (0.065)
Treatment x 2014 0.190** 0.248*** 0.184** 0.137** 0.192***  0.157***
(0.062) (0.059) (0.056) (0.036) (0.037) (0.036)
Treatment x 2016 0.186* 0.210** 0.170* 0.132***  0.190***  0.168***
(0.078) (0.069) (0.070) (0.033) (0.029) (0.026)
Treatment x 2018 0.261***  0.296***  0.234***  0.255***  0.297***  0.235***
(0.058) (0.056) (0.047) (0.031) (0.031) (0.035)
Household head’s age (years) 0.003** 0.003** 0.002***  0.002***
(0.001) (0.001) (0.000) (0.000)
Household head is female -0.000 -0.001 -0.006 -0.007
(0.016) (0.019) (0.013) (0.014)
Primary school 0.089 0.082 -0.078 -0.055
(0.069) (0.071) (0.046) (0.038)
Secondary school 0.157 0.157 0.013 0.038
(0.109) (0.111) (0.046) (0.033)
High school 0.188* 0.182 0.052 0.072**
(0.090) (0 093) (0.038) (0.027)
Vocational degree 0.215* 0.205* 0. 075 0.087**
(0.091) (0.093) (0.038) (0.027)
Bachelor 0.234* 0.207 0.132** 0.134***
(0.103) (0.105) (0.043) (0.027)
Master 0.236* 0.201 0.106* 0.112**
(0.093) (0.101) (0.046) (0.040)
PhD 0.334** 0.299** 0.143** 0.152**
(0.090) (0.099) (0.045) (0.044)
Household head is married 0.083*** 0.082** 0.078***  0.063***
(0.019) (0.024) (0.010) (0.013)
Share of working members 0.044** 0.038** 0.023 0.022
(0.012) (0.011) (0.031) (0.032)
Household size 0.057*** 0.059*** 0.056*** 0.059***
(0.006) (0.005) (0.006) (0.006)
Ln(income) 0.071***  0.064*** 0.069***  0.062***
(0.012)  (0.012) (0.012)  (0.011)
Lives in ger -0.228***  -0.181*** -0.196***  -0.144***
(0.015) (0.009) (0.015) (0.010)
Private boiler 0.197** -0.011
(0.071) (0.027)
Electric heater 1.506*** 1.008***
(0.104) (0.103)
Traditional stove 0.106 -0.156**
(0.067) (0.040)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.04 0.17 0.26 0.03 0.17 0.27
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, *** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the referen ear is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey y gﬁy fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6
further add heating sources in the residence to the specification.



Table A.15: Regression results of DiD models of the impact of subsidy on household
monthly electricity expenditures: age in quadratic form

Winter months Non-winter months
Variable (1) (2) (3) (4) (5) (6)
Treatment -0.296**  -0.208**  -0.339**  -0.177***  -0.117*** 0.004
(0.075) (0.067) (0.099) (0.024) (0.021) (0.039)
2012 -0.045 -0.125%*  -0.114** -0.034 -0.119*  -0.107**
(0.038) (0.032) (0.031) (0.033) (0.035) (0.035)
2014 -0.133***  -0.226™** -0.210*** -0.161*** -0.247*** -0.233***
(0.032) (0.029) (0.028) (0.006) (0.020) (0.017)
2016 0.043 -0.026 -0.014 -0.006 -0.074 -0.066
(0.040) (0.019) (0.020) (0.052) (0.039) (0.040)
2018 -0.040 -0.127***  -0.116*** -0.073 -0.150***  -0.140***
(0.030) (0.013) (0.012) (0.037) (0.017) (0.017)
Treatment x 2012 0.156***  0.209***  0.185*** 0.116 0.180** 0.156*
(0.034) (0.046) (0.040) (0.060) (0.058) (0.066)
Treatment x 2014 0.190** 0.254*** 0.194** 0.137** 0.198***  0.162***
(0.062) (0.059) (0.057) (0.036) (0.034) (0.034)
Treatment x 2016 0.186* 0.213** 0.176* 0.132***  0.188***  0.167***
(0.078) (0.068) (0.070) (0.033) (0.029) (0.026)
Treatment x 2018 0.261***  0.299***  0.239***  0.255"**  0.296***  0.234***
(0.058) (0.056) (0.048) (0.031) (0.030) (0.032)
Household head’s age (age?) 0.000** 0.000** 0.000***  0.000***
(0.000) (0.000) (0.000) (0.000)
Household head is female 0.004 0.003 -0.003 -0.004
(0.016) (0.019) (0.014) (0.015)
Household head’s education (years) 0.012***  0.009*** 0.012***  0.010***
(0.001) (0.002) (0.001) (0.001)
Household head is married 0.086*** 0.085** 0.080***  0.065***
(0.019) (0.024) (0.011) (0.013)
Share of working members 0.044** 0.038** 0.021 0.020
(0.012) (0.011) (0.032) (0.033)
Household size 0.058*** 0.060*** 0.056*** 0.059***
(0.006) (0.005) (0.006) (0.006)
Ln(income) 0.071***  0.064*** 0.070***  0.062***
(0.013)  (0.012) (0.012)  (0.011)
Lives in ger -0.230***  -0.183*** -0.199***  -0.147***
(0.015) (0.009) (0.015) (0.009)
Private boiler 0.201** -0.016
(0.070) (0.026)
Electric heater 1.504*** 1.003***
(0.104) (0.101)
Traditional stove 0.109 -0.161**
(0.066) (0.041)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.04 0.17 0.26 0.03 0.17 0.27
Number of households 5,766 5,766 5,766 7,975 7,975 7,975

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, *¥** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6
further add heating sources in the residence to the specification.
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Table A.16: Regression results of DiD models of the impact
of subsidy on household monthly electricity expenditures:
year-round

Variable (1) (2) (3)
Treatment -0.224***  _0.152***  -0.127**
(0.043) (0.033) (0.043)
2012 -0.038 -0.121***  -0.109***
(0.026) (0.024) (0.023)
2014 -0.149***  -0.237**  -0.223***
(0.013) (0.018) (0.015)
2016 0.017 -0.051 -0.041
(0.043) (0.027) (0.028)
2018 -0.053 -0.135***  -0.124***
(0.033) (0.010) (0.011)
Treatment x 2012 0.131** 0.190** 0.165**
(0.046) (0.051) (0.055)
Treatment x 2014 0.158** 0.218***  0.172***
(0.044) (0.038) (0.039)
Treatment x 2016 0.153** 0.196***  0.167***
(0.041) (0.030) (0.033)
Treatment x 2018 0.253***  0.293***  0.230***
(0.040) (0.030) (0.027)
Household head’s age (years) 0.002***  0.003***
(0.000) (0.000)
Household head is female -0.005 -0.006
(0.010) (0.009)
Household head’s education (years) 0.012***  0.010***
(0.001) (0.001)
Household head is married 0.080***  0.071***
(0.008) (0.009)
Share of working members 0.029 0.026
(0.020) (0.020)
Household size 0.057***  0.059***
(0.006) (0.005)
Ln(income) 0.070***  0.063***
(0.011) (0.010)
Lives in ger -0.211***  -0.161***
(0.011) (0.008)
Private boiler 0.064
(0.041)
Electric heater 1.194***
(0.104)
Traditional stove -0.057
(0.038)
District fixed effects Yes Yes Yes
Month fixed effects Yes Yes Yes
Adjusted R? 0.03 0.17 0.26
Number of households 13,741 13,741 13,741

Notes: Robust standard errors, clustered at the district level, are presented in
the parentheses. * p <0.10, ** p <0.05, *** p <0.01. The reference group is
households living in house, have male & unmarried household head and using
regular heater for residential heating; the reference year is 2010. Columns 1 runs
the basic difference-in-differences model with district, month, and survey year
fixed effects. Columns 2 adds household—specific controls to the specification,
including the type of residence. The preferred model results in Columns 3 further
adds heating sources in the residence to the specification.
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Table A.17: Regression results of DiD models of the impact of subsidy on household
monthly electricity expenditures: 2012 as the treatment year

Winter months

Non-winter months

Variable (1) (2) (3) (4) (5) (6)
Treatment -0.282**  -0.190* -0.402**  -0.163***  -0.102*** 0.089
(0.087) (0.078) (0.112) (0.023) (0.017) (0.071)
2012 -0.028 -0.063* -0.067** -0.022 -0.064* -0.062*
(0.040) (0.027) (0.026) (0.033) (0.030) (0.031)
Treatment x 2012 0.144***  (0.184*** 0.184*** 0.106 0.150** 0.146*
(0.034) (0.041) (0.032) (0.058) (0.056) (0.064)
Household head’s age (years) 0.002** 0.002** 0.002* 0.002*
(0.001) (0.001) (0.001) (0.001)
Household head is female 0.021 0.025 -0.032 -0.032
(0.040) (0.039) (0.030) (0.028)
Household head’s education (years) 0.012** 0.012** 0.014**  0.012***
(0.005) (0.004) (0.002) (0.002)
Household head is married 0.083* 0.081 0.043 0.042
(0.037) (0.041) (0.023) (0.024)
Share of working members 0.113** 0.106** 0.010 0.012
(0.032) (0.034) (0.019) (0.019)
Household size 0.058***  0.059*** 0.066***  0.065***
(0.007) (0.007) (0.009) (0.009)
Ln(income) 0.026** 0.027* 0.027* 0.027*
(0.010) (0.011) (0.012) (0.012)
Lives in ger -0.249***  -0.255%** -0.198***  -0.181***
(0.034) (0.016) (0.009) (0.013)
Private boiler 0.065 -0.159**
(0.178) (0.058)
Electric heater 1.855%** 0.267
(0.293) (0.206)
Traditional stove 0.225* -0.212**
(0.094) (0.065)
District fixed effects Yes Yes Yes Yes Yes Yes
Month fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R? 0.04 0.14 0.16 0.03 0.14 0.15
Number of households 2,102 2,102 2,102 3,021 3,021 3,021

Notes: Robust standard errors, clustered at the district level, are presented in the parentheses. * p <0.10, ** p
<0.05, *** p <0.01. The reference group is households living in house, have male & unmarried household head and
using regular heater for residential heating; the reference year is 2010. Columns 1 and 4 run the basic difference-
in-differences model with district, month, and survey year fixed effects. Columns 2 and 5 add household—specific
controls to the specification, including the type of residence. The preferred model results in Columns 3 and 6

further add heating sources in the residence to the specification.
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